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EXECUTIVE SUMMARY

This evaluation is motivated by two goals: (1) to assess the reliability of the impact
estimates provided in the evaluation of the Worker Profiling and Reemployment Services
(WPRS) programs, and (2) to compute revised estimates of the impacts of WPRS programs if a
more accurate estimation method can be identified. The evaluation also provides general
information on the accuracy of different methods for estimating impacts without random
assignment.

Under WPRS, states were required to establish systems for identifying Unemployment
Insurance (UI) claimants likely to exhaust their Ul benefits and referring them to reemployment
services, such as resume preparation and training in job search methods. In an evaluation
sponsored by the U.S. Department of Labor (USDOL), the impacts of WPRS were estimated by
comparing Ul claimants who were assigned to WPRS services (the treatment group) to claimants
who were not assigned to WPRS services (the comparison group). Linear regression techniques
were used to control for pre-existing differences between the two groups.

The results from the WPRS evaluation suggest that the impacts of WPRS on earnings are
positive in some states and negative in others. However, the wide variation in impact estimates
across states raises questions about the accuracy of the estimates. Furthermore, when the pre-
existing differences between the treatment and comparison groups are large--as in the WPRS
evaluation--linear regression methods can be unreliable. Therefore, the wide state-to-state
variation in the estimated earnings impacts may be due to estimation error attributable to the
regression method used in the WPRS evaluation.

Prior to the implementation of WPRS, USDOL sponsored a demonstration to test different
program models that are consistent with the regulations governing WPRS. In 1995, the Job
Search Assistance (JSA) Demonstration was implemented in the District of Columbia and in
selected countiesin Florida. Because the demonstration was based on the random assignment of
eligible clamants to treatment and control groups, impacts were estimated by comparing
treatment group members to control group members. Random assignment ensured that the pre-
existing differences between the two groups were negligible.

Therefore, the demonstration should provide reliable estimates of the impacts of different
WPRS program models via treatment-control differences. Furthermore, demonstration data can
be used to compute other impact estimates using data that mimic the treatment and comparison
samples available to the WPRS evaluation. The reliability of these impact estimates can be
tested by comparing them to the treatment-control differences.

In this evaluation, we use data from the JSA Demonstration in Florida to mimic the
treatment and comparison samples from the WPRS evaluation, and to test different methods of
estimating impacts from these samples. These methods include the regression method used in
the WPRS evaluation, but also include variants of the matching methods used in other
evaluations. Matching is designed to select a subgroup of comparison group members who are
similar to treatment group members. Impacts are then estimated by comparing treatment group
members to the subgroup of similar comparison group members.
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The plan for the evaluation included two phases:

* Phase |: Testing Different Methods of Estimating Impacts Using JSA Data. In
Phase |, use data from the JSA Demonstration to assess the reliability of the
regression method employed in the WPRS evauation and the matching methods
developed in this evaluation.

* Phase Il: Applying Matching Methods to Actual WPRS Data. If any of the
matching methods produce more accurate impact estimates than the regression
method, apply those matching methods to WPRS data to obtain revised estimates of
the impacts of WPRS on earnings.

DESIGN OF PHASE | OF THE EVALUATION

The design of Phase | consisted of two components. (1) identifying the analysis samples
from JSA Demonstration data; and (2) specifying methods for estimating the impacts of being
assigned to JSA/WPRS services on the claimants who would have been assigned to services if
WPRS had been operating in Florida in place of the demonstration.

| dentifying Three Samples from JSA Demonstration Data. We used the rule by which Ul
claimants are assigned to WPRS to determine which claimants would have been assigned to
WPRS had it been operating instead of the demonstration. Claimants who would have been
assigned to WPRS were classified as “treatment claimants’ or “control claimants’ for this
evaluation based on their treatment-control status in the demonstration. Claimants who would
not have been assigned to WPRS (and were not treated in the demonstration) were classified as
“comparison claimants’.

Specifying the Methods for Estimating I mpacts. Based on the three analysis samples, we
specified alternative methods of estimating the impacts of being assigned to WPRS. The
experimental benchmark estimate equals the mean earnings of treatment claimants minus the
mean earnings of control claimants. This benchmark is used to assess whether accurate impact
estimates can be computed from “nonexperimental data’--data on treatment and comparison
claimants--using either the linear regression method from the WPRS evaluation or one of the
matched comparison groups developed for this evaluation.

The matching methods developed for this evaluation are designed to select “matched
comparison groups’ that look like the treatment group. A comparison claimant is selected for
the matched comparison group if he or she can be “matched” to one or more treatment claimants
with similar characteristics. The rules developed for defining acceptable matches require that
matched claimants have the same sex, race/ethnicity, and education. Furthermore, matching
claimants must have similar values for one of the following three variables:

1. Profiling Score. Ul claimants are assigned “profiling scores’ that reflect the

probability of exhausting Ul benefits without additional reemployment services,
and are assigned to WPRS based on these scores.
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2. Base-year Earnings. Clamants are determined eligible for Ul based on their
“base-year earnings’, which measures total earnings in four out of five quarters
prior to the Ul claim.

3. Propensity Score. Treatment claimants have higher probabilities or propensities of
being assigned to services than comparison claimants, and “propensity scores’ are
often computed in evaluations to use as matching variables.

FINDINGS FROM PHASE | OF THE EVALUATION

Based on the treatment and control groups in this evaluation, the experimental benchmark
estimate that we use to assess the accuracy of other impact estimates equals $260. Therefore, the
average earnings of treatment claimants in the year following the quarter of random assignment
were $260 higher than the average earnings of control claimantsin the same year.

How well did the different methods for estimating earnings impacts from the treatment and
comparison samples perform? The two main findings from Phase | of the evaluation are given
below:

1. The linear regression model used in the WPRS evaluation produced accurate
impact estimates. The estimate produced by the linear regression model from the
WPRS evaluation equals $308, which is very close to the experimental benchmark
of $260.

2. The matched comparison groups tested in this evaluation produced less accurate
impact estimates than the linear regression model. The impact estimates based on
matched comparison groups range from -$111 to -$3,440, and none of these
estimates are as close to the experimental benchmark as the estimate produced by
the linear regression model.

Therefore, despite the general concerns that can be raised about the reliability of regression
methods to adjust for large differences between treatment and comparison groups, this
evaluation provides no evidence that the regression methods used in the WPRS evaluation are
unreliable.

The poor performance of the matching methods tested in this evaluation can be attributed to
the difficulty in selecting matched comparison groups that are sufficiently similar to the
treatment group. Each matched comparison group was similar to the treatment group on many
dimensions but different from the treatment group in at least one dimension that proved to be
important. None of the matched comparison groups had the same (or a very similar) distribution
of claimants across the local offices in the demonstration as the treatment group. Findingsin this
report suggest that it may be impossible to create a matched comparison group that is
comparable to the treatment group in the distribution of claimants across local offices, and is also
comparable to the treatment group in other important dimensions, such as sex, race/ethnicity,
education, the profiling score, base-year earnings, and the propensity score. In other words, we
were unable to create a matched comparison group that was comparable to the treatment group
on al the dimensions that seemed important.



Based on the results from Phase |, MPR recommended not to proceed to Phase 1 of this
evaluation, and USDOL concurred. This recommendation was based on the finding that the
regression methods used in the WPRS evaluation produced accurate estimates of earnings
impacts from the demonstration data. This report provides no evidence that matched comparison
groups of the types we tested would yield more accurate estimates of the impacts of WPRS.



CHAPTER I: INTRODUCTION

This evaluation is motivated by two specific goals and one more general goal. The specific
godls are to (1) assess the reliability of the impact estimates provided in the evaluation of the
Worker Profiling and Reemployment Services (WPRS) programs, and (2) compute revised
estimates of the impacts of WPRS if a more accurate estimation method can be identified. The
more general goal of this evaluation is to provide information about which estimation methods
are most accurate when computing impact estimates from nonexperimental data--data without a
randomly assigned control group.

WPRS was created in response to a 1993 amendment to the Social Security Act. This
amendment required states to establish profiling systems for targeting Unemployment Insurance
(Ul claimants likely to remain unemployed long enough to exhaust their Ul benefits, and for
referring targeted claimants to reemployment services shortly after they apply for benefits
(Dickinson et a., 1999). The program model implemented under WPRS varies across states. In
some states, al claimants assigned to the program are required to participate in the same set of
services. In other states, counselors have more discretion in specifying the services in which
each claimant must participate to remain eligible for Ul benefits. These services include training
in job search methods, resume preparation, job development, and referrals to job openings.

Prior to the implementation of WPRS, the U.S. Department of Labor (USDOL) sponsored a
demonstration to test different program models that are consistent with the regulations governing
WPRS. The Job Search Assistance (JSA) Demonstration was implemented in the District of
Columbia and selected counties in Florida in 1995, and it continued to operate in 1996 when the
implementation of WPRS began. The evaluation of the demonstration (Decker et al., 2000) was
based on the random assignment of eligible claimants to three treatment groups and one control
group. The first treatment was based on a list of services in which all claimants were required to
participate. The second two treatments alowed counselors to determine the required services for
each claimant on an individualized basis. The key outcome variables in this evaluation were (1)
Ul benefits and duration, and (2) employment and earnings. Because the treatment impacts were
measured relative to a randomly selected control group, the resulting impact estimates are more
credible than those measured relative to a nonrandom comparison group whose members may
differ systematically from treatment group members.

During the evaluation of the JSA Demonstration, USDOL also sponsored an evaluation of
the WPRS program itself in six states (Dickinson et al., 1999). The WPRS evaluation can be
justified by two problems with generalizing the findings from the demonstration to WPRS. First,
the rule by which Ul claimants were assigned to demonstration services was different from the
rule by which Ul claimants are assigned to WPRS services in most states. Therefore, WPRS
targets a different set of clamants than those who would have been €ligible for the
demonstration. Second, WPRS service models differ across counties and states, so the results
from the District of Columbia and ten counties in Florida may be unrepresentative of WPRS
nationwide.

Unlike the JSA Demonstration, the WPRS evaluation lacked the benefit of a randomly
assigned control group: impacts were estimated by comparing Ul claimants assigned to WPRS
services (the “treatment” group) to a comparison group consisting of claimants who were not



assigned to WPRS services. Due to the rule by which claimants are assigned to services,
comparison group members in the evaluation had systematically different baseline characteristics
than treatment group members. The WPRS evaluation accounted for baseline differences
between the two groups using regression analysis. However, when the differences between two
groups are large, linear regression can produce biased impact estimates (Cochran, 1965).
Furthermore, the estimated earnings impacts from the WPRS report varied considerably across
states (Dickinson et al., 1999, Exhibit [11-9.). This variation across states may be “real”: some
state programs may be much more effective than others. However, given the difficulties in
estimating impacts without a randomly assigned control group, the wide variation in impact
estimates across states raises questions about the accuracy of the estimates.

One alternative method of adjusting for baseline differences between treatment and
comparison groups is “statistical matching”. Each treatment group member is matched to one or
more comparison group members with similar baseline characteristics. Comparison group
members who are matched to one or more treatment group members are included in the
“matched comparison group”: other comparison group members are excluded. Matching is
designed to select a subgroup of the comparison group that has similar baseline characteristics to
the treatment group. The goal of matching is to select matched comparison group members
whose outcomes are as similar as possible to what the outcomes of treatment group members
would have been in the absence of the treatment.

One particular form of matching that has become increasingly popular is called propensity
score matching (Rosenbaum and Rubin 1983, 1985). Among people with the same probability
of participating in (or being assigned to) a program, whether or not a person actually participates
is a purely random event like assignment to the treatment or control groups in a random-
assignment experiment. Propensity score matching selects matched groups of treatment and
comparison units with similar participation probabilities or “propensities’--or more typicaly,
similar estimated propensities. Through propensity score matching, baseline differences between
the treatment and comparison groups can be reduced for many baseline variables while using a
single variable for matching. Dehgjia and Wahba (1999) use experimental data from the
National Supported Work Demonstration to show that propensity score matching can produce
impact estimates that are very close to the experimental estimates. These results suggest that
propensity score matching can generate accurate estimates of the impacts of some employment-
related programs.

The results from Dehgjia and Wahba raise the following question: can propensity score
matching generate accurate estimates of the impacts of WPRS? Phase | of this evaluation was
designed to test the reliability of three different matching methods, including propensity score
matching, and the reliability of the regression methods used in the WPRS evaluation. Phase |l of
the evaluation was designed to apply matching methods to data from the WPRS evaluation to
compute revised estimates of WPRS's impacts on earnings. However, Phase Il would only
proceed if Phase | showed that the matching methods produced more accurate impact estimates
than the regression methods.



Therefore, this evaluation can be summarized as follows:

* Phasel: Testing Different Methods of Estimating | mpacts with JSA Data. In Phase
I, we used data from the JSA Demonstration to assess the reliability of the standard
regression methods employed in the WPRS evauation and the matching methods
developed in this evaluation.

* Phase Il: Applying Matching Methods to Actual WPRS Data. If any of the
matching methods had produced more accurate impact estimates than the regression
methods, we would have applied them to obtain revised estimates of the impacts of
WPRS.

Based on the results from Phase |, MPR recommended not to proceed to Phase 11 of this
evaluation, and USDOL concurred. This recommendation was based on the finding that the
regression methods used in the WPRS evaluation produced accurate estimates of earnings
impacts from the demonstration data. This report provides no evidence that matched comparison
groups of the types we tested would yield more accurate estimates of the impacts of WPRS.

The remaining chapters of this report describe the evaluation’s design and the results from
Phase |. Chapter Il describes the design of the analysis samples used in this evaluation. Chapter
[l describes the different methods we tested for estimating impacts. Chapter IV provides the
impact estimates generated by applying different estimation methods to the analysis samples.
These estimates support MPR’s recommendation and USDOL’s decision to end the evauation
after Phase 1.



CHAPTER Il: DESIGN OF THE ANALYSISSAMPLES

The design of this evaluation required four steps. selecting the data, identifying analysis
samples within the data, weighting the samples to ensure that the analysis samples are
representative of the populations of interest, and specifying methods for estimating program
impacts. As described in the introduction, we selected data from the JSA Demonstration because
the demonstration’s treatments roughly correspond to the types of service packages to which
clamants are assigned under WPRS, and because the demonstration included a randomly
assigned control group. This chapter describes the second and third design steps--identifying and
weighting the analysis samples--and |eaves the estimation methods to Chapter 111.

A. IDENTIFYING THE ANALYSISSAMPLES

The data used in this evaluation were collected to support the evaluation of the Job Search
Assistance Demonstration in 10 local offices in Florida (Decker et al., 2000). The evaluation of
the demonstration was designed to provide estimates of the impacts of three different job search
assistance treatments on claimants who were eligible for the demonstration. From the claimants
who applied for Ul benefits in the 10 demonstration offices during the demonstration, the state of
Florida identified claimants who were newly unemployed, who did not have a specific date of
recall to their previous employer, who did not obtain jobs through a union hiring hall, and who
met a few other eligibility criteria® Final eligibility for the demonstration was determined based
on profiling scores that were assigned to all claimants meeting the state’s eligibility criteria. This
score provided an estimate of the probability that the claimant would exhaust his or her
entitlement of Ul benefits in the absence of additional reemployment services.? Profiling scores
were assigned based on a linear model of benefit exhaustion, which was estimated from
historical Ul data. The model of benefit exhaustion included the following variables as
predictors: education, industry, occupation, and job tenure.® Claimants were deemed €ligible for
the demonstration if they met the state's eligibility criteria, and if they were assigned profiling
scores greater than 0.4.

Under WPRS in Florida, claimants are assigned profiling scores using the model of benefit
exhaustion developed for the demonstration. However, WPRS differs from the demonstration in
how it uses these scores to target reemployment services. Under WPRS, the claimants with the
highest profiling scores are assigned to localy provided services subject to local capacity
constraints. Therefore, the average profiling score should be higher for claimants who would
have been assigned to WPRS than for demonstration participants. If claimants with higher
profiling scores have a greater need for reemployment services than other claimants, the average
impacts of reemployment services might be higher for “WPRS-targeted” claimants than for
demonstration participants.

! For acompletelist of the state's eligibility criteria, see Decker et al., 1997, p. 40-41.

2|ndividuals who qualify for Ul are entitled to a fixed amount of Ul benefits, and most of those who remain on
Ul for 26 weeks exhaust their entitlement.

% The coefficient estimates from the profiling score model are provided in Table 111.1 of Decker et al., 1997.



To develop a fair test of how different methods of estimating impacts would perform if
applied to data from the WPRS evaluation, we measure the impacts of the demonstration’s three
treatments on claimants who would have been assigned to WPRS. To identify these claimants,
we apply a stylized version of the process that local offices use under WPRS to assign profiled
clamantsto services.

The number of claimants assigned to WPRS in a particular local office and week depends on
the capacity of the local office to provide reemployment services. It isnot possible to determine
with certainty the capacity of each local office in each week that the demonstration was
operating. In fact, it is surprisingly difficult to determine current office capacity. However,
given that we would like to generalize the results from this test to other counties and states with
different local capacities, it is not critical that we use exact estimates of local office capacity in
the demonstration offices. We distinguish between large, medium-sized and small offices using
estimates of the average weekly number of claimants who applied for Ul in each office and were
“profiled” (assigned a profiling score). Based on these estimates, we define large offices to be
those that profiled approximately 200 or more claimants per week (Davie, Ft. Lauderdale,
Hialeah, and Orlando), medium-sized offices as those that profiled approximately 100 claimants
per week (Clearwater and Miami), and small offices as those that profiled 25-75 claimants per
week (Ft. Pierce, Lakeland, Pensacola, and St. Augustine). Also, we assume that larger offices
have larger capacities to provide reemployment services than smaller offices, and that no office
can serve more claimants than could be taught in a classroom setting once per week.* Based on
these assumptions, we assigned office capacities of 30, 20, and 10 to large offices, medium-sized
offices and small offices, respectively, as shown in Table 1. The numbersin Table 1 suggest that
larger offices have larger capacities than smaller offices, but not proportionately larger
capacities: larger offices serve asmaller proportion of profiled claimants than smaller offices.

As a percentage of all profiled claimants, the capacity assumptions in Table 1 are well
within the national distribution (Dickinson et al., Exhibit 11-5). Furthermore, the estimates in
Table A.3 are also roughly consistent with the number of claimants assigned to WPRS in the
week of November 6, 2000—a week for which we were able to obtain data from Florida s Office
of Workforce Innovation—in the six demonstration offices that appear to be operating a WPRS
program. Lastly, there is no reason to believe that our impact estimates will be very sensitive to
our assumptions about office capacity.

* These assumptions are consistent with observations from visits to local sites and with current data on the
number of claimants assigned to WPRS in the demonstration offices.
® This is consistent with observations made during visits to local offices for the WPRS eval uation.



TABLE 1: ESTIMATED WEEKLY CAPACITY FOR FLORIDA LOCAL OFFICES UNDER WPRS

Florida Local Office Average Number of Profiled Claimants WPRSf Capacity
(Claimants)
Clearwater 106 20
Davie 193 30
Ft. Lauderdale 345 30
Ft. Pierce 52 10
Hialeah 267 30
Lakeland 52 10
Miami 107 20
Orlando 227 30
Pensacola 75 10
St. Augustine 34 10

With estimates of local office capacity, a complete list of profiled claimants with their
profiling scores in a particular office and week would revea the claimants who would have been
assigned to WPRS--those with the X highest profiling scores, where X equals the capacity of the
local office. The profiling score of the X" claimant, P, defines the “WPRS threshold” in that
office and week because claimants with profiling scores lower than P would not be assigned to
WPRS in that office and week. However, the demonstration data do not include a complete list
of profiled claimants. Some eligible claimants were excluded from the demonstration and
therefore from the demonstration data because the demonstration was designed to accommodate
24 claimants per office and week (six for the control group and six for each of three treatment
groups). Additional claimants who were eligible for the demonstration were excluded.

The exclusion of digible claimants from the demonstration data complicates the process of
identifying the claimants who would have been assigned to WPRS. Many excluded claimants
had profiling scores that were high enough that they would have been assigned to WPRS. For
example, if the capacity of aloca officeis 10 claimants per week, we cannot assume that the 10
claimants with the highest profiling scores in that office-week participated in the demonstration
and can therefore be found in our demonstration data.®

Fortunately, eligible claimants were excluded from the demonstration on a random basis, so
the demonstration participants are a simple random sample of the demonstration-eligible
clamants in each office and week. Therefore, we assign a “demonstration weight” to each
demonstration-€ligible claimant who was randomly selected to participate in the demonstration.
This weight equals the inverse of the selection probability. For example, suppose that one
eligible claimant was excluded from the demonstration for each control group member. Since
three clamants were assigned to the treatment group for each claimant assigned to the control
group, the probability of being included in the demonstration--as either a treatment or control

® Assuming that the 10 top-ranked demonstration participants would be targeted for WPRS services violates the
office’s capacity constraint: some claimants with profiling scores that were higher than the profiling score of the
10"-ranked demonstration participant were excluded from the demonstration.



group member--equals 4/5™ or 80 percent. The demonstration weight for treatment and control
group members in this office equals the inverse of the selection probability or 1.25: each
demonstration participant (treatment or control group member) represents 1.25 eligible
claimants in the same office. Therefore, if alocal office's capacity is 10 claimants per week, the
8 demonstration participants with the highest profiling scores represent the 10 demonstration-
eligible claimants who would have been assigned to services. The demonstration weights for
demonstration participants in each local office are provided in Table 2.

TABLE 2: DEMONSTRATION WEIGHTS FOR DEMONSTRATION PARTICIPANTS

Local Office Selection Probability Demonstration Weight
Clearwater 35% 2.82
Davie 18% 5.58
Ft. Lauderdale 10% 10.42
Ft. Pierce 92% 1.09
Hialeah 11% 9.35
Lakeland 89% 1.13
Miami 13% 7.85
Orlando 16% 6.14
Pensacola 80% 1.26
St. Augustine 86% 1.16

The weights in Table 2 were assigned to demonstration participants and combined with the
capacity estimates in Table 1 to predict which claimants would have been assigned to WPRS.
Table 3 provides an example of how to identify these claimants from the demonstration datain a
single office and week. The first column of Table 3 shows the profiling score of each
hypothetical claimant profiled in the Pensacola loca office in a single week. Claimants are
ordered from highest to lowest profiling score, and the second column provides the rank of each
claimant. The third column indicates the random assignment of eligible claimants (those with
profiling scores > 0.4) to four demonstration groups--the control group (C) the three treatment
groups (T1, T2, and T3)--and one “nonexperimental” group (N) that did not participate in the
demonstration. The third column aso identifies demonstration-ineligible claimants with
profiling scores below 0.4. The fourth column provides the demonstration weight of
demonstration participants (rounded from 1.26 to 1.25 to simplify the example). The fifth
column of Table 3 identifies members of each of the three analysis samples:

1. Treatment Group. Claimants who were (1) assigned to one of the demonstration’s
treatment groups, and (2) would have been assigned to WPRS.

2. Control Group. Claimants who were (1) assigned to one of the demonstration’s
treatment groups, and (2) would have been assigned to WPRS.

3. Comparison Group. Claimants who were (1) not assigned to one of the
demonstration’ s treatment groups, and (2) would not have been assigned to WPRS.



The definitions of the three analysis samples describe how to identify sample members from
the example in Table 3. Table 1 shows that our estimate of Pensacola's capacity to provide
WPRS servicesis 10 claimants per week. Therefore, the 10 claimants with the highest profiling
scores--shaded in gray in Table 3--would have been assigned to WPRS in Pensacola in this
hypothetical week. However, two of these 10 claimants were assigned to the nonexperimental
group and therefore cannot be found in the demonstration data. As described earlier, we adjust
for the absence of these claimants from the demonstration data by assigning a weight of 1.25 to
each demonstration participant. The eight demonstration participants with the highest profiling
scores would have been assigned to WPRS because they represent the 10 demonstration-eligible
claimants with the highest profiling scores. The treatment group for this evaluation consists of
the six treatment group members who would have been assigned to WPRS; the control group for
this evaluation consists of the two control group members who would have been assigned to
WPRS. The comparison group consists of all untreated demonstration participants and ineligible
claimants who would not have been assigned to WPRS because their profiling scores were too
low. The example in Table 3 refers to a single local office in a single week, but the three
analysis samples for this evaluation consist of claimants from all 10 demonstration offices and all
53 weeks of the demonstration.

B. WEIGHTING THE ANALYSISSAMPLES

The three analysis samples are weighted to reflect sampling probabilities. The treatment and
control groups are stratified random samples of the claimants who would have been assigned to
WPRS. Consider alocal office with capacity X (from Table 1). We compute the probability of
being assigned to the control group, P(c), and the probability of being assigned to the treatment
group, P(t), based on the probabilities in Table 2 and the treatment-control ratio of 3:1. These
sampling probabilities are applicable to both the population of demonstration-eligible claimants
in a local office and the subgroup of the population who would have been assigned to WPRS.
We assign weights of 1/ P(c) to each control group member and 1/ P(t) = 1/ [3- P(c)] to each
treatment group member in the local office. Weights for both the treatment and control groups
are provided in Table 4.

The comparison sample is a stratified random sample of claimants who would not have been
assigned to WPRS. This sample consists of two subgroups. (1) clamants from the
demonstration’s control group with profiling scores below the WPRS threshold, and (2)
demonstration-ineligible claimants with profiling scores below 0.4. The first subgroup receives
the same weight as al other control group members from the same office (see Table 4). The
second subgroup is assigned weights that reflect the sampling rates for ineligible cases in the
demonstration. Administrative data were collected for a stratified random sample of ineligible
clamants, where the strata were based on the month of random assignment. We assigned
analysis weights to demonstration-ineligible claimants that equal the inverse of the sampling
probabilities, and these weights are displayed in Table 5.



TABLE 3: PROFILED CLAIMANTSIN ONE WEEK, PENSACOLA OFFICE
(Capacity = 10 Claimants)

PROFILING SCORE RANK DEMONSTRATION WEIGHT WPRS SAMPLE
.85 1 T1 1.25 Treatment
.84 2 © 1.25 Control
.82 3 N 0
.80 4 T3 1.25 Treatment
.78 5 T2 1.25 Treatment
a7 6 T3 1.25 Treatment
.76 7 N 0
.76 8 T1 1.25 Treatment
.73 9 T2 1.25 Treatment
72 10 C 1.25 Control
71 11 T1 1.25
71 12 C 1.25 Comparison
.70 13 T3 1.25
.69 14 N 0
.67 15 T2 1.25
.67 16 N 0
.66 17 C 1.25 Comparison
.65 18 T3 1.25
.65 19 T2 1.25
.63 20 T1 1.25
.62 21 T1 1.25
.59 22 C 1.25 Comparison
.58 23 T3 1.25
.56 24 N 0
51 25 T2 1.25
.50 26 N 0
48 27 C 1.25 Comparison
46 28 T3 1.25
43 29 T2 1.25
41 30 T1 1.25
40 ELIGIBILITY THRESHOLD FOR THE DEMONSTRATION
.39 31 Ineligible N.A. Comparison
37 32 Ineligible N.A. Comparison
.33 33 Ineligible N.A. Comparison
.30 34 Indligible N.A. Comparison
25 35 Ineligible N.A. Comparison
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TABLE 4: ANALYSISWEIGHTS FOR TWO EXPERIMENTAL GROUPS

Local Office Treatment Group Control Group
Clearwater 3.76 11.37
Davie 7.44 22.31
Ft. Lauderdale 13.89 41.68
Ft. Pierce 1.45 4.34
Hialeah 12.47 37.42
Lakeland 1.50 451
Miami 10.47 31.40
Orlando 8.19 24.56
Pensacola 1.68 5.03
St. Augustine 155 4.65

TABLES5: ANALYSISWEIGHTS FOR COMPARISON GROUP (INELIGIBLES ONLY)

Month of Random Assignment Sampling Probability Weight
July 1995 12% 8.43
August 1995 13% 7.94
September 1995 16% 6.21
October 1995 15% 6.66
November 1995 16% 6.27
December 1995 18% 5.50
January 1996 20% 511
February 1996 17% 5.89
March 1996 21% 4.86
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CHAPTER I1I: METHODSFOR ESTIMATING EARNINGSIMPACTS

This evaluation is designed to test different methods of estimating the impacts of WPRS
with the type of nonexperimental data that were available to the WPRS evaluation. The previous
chapter describes how we use data from the JSA Demonstration to simulate the treatment and
comparison samples from the WPRS evaluation, and the control sample that is the key to this
evauation. In this chapter, we describe how we use the treatment and control samples to
compute the experimental benchmark estimate of the impact on earnings, and how we use the
treatment and comparison samples to compute nonexperimental impact estimates, such as the
type of estimate computed in the WPRS evaluation.

In this evaluation, the outcome of interest is the amount of earned income in the year after
the quarter of random assignment, which we refer to as “earnings’ in the remainder of this
report. The WPRS evaluation examined a variety of other outcome measures, including weeks
of Ul receipt. The estimated impacts on weeks of Ul receipt reported in the WPRS evaluation
are fairly consistent across states. The impact estimates range from zero weeks to a one-week
reduction. However, the estimated impacts on earnings vary considerably across states, and this
variation raises questions about the appropriateness of the regression model to the estimation of
earnings impacts.

A. ESTIMATING IMPACTSWITH EXPERIMENTAL DATA

The key to this evaluation is the random assignment design of the JSA Demonstration.
Because of random assignment, the average earnings of control group members provide an
unbiased picture of what the earnings of treatment group members would have been had they not
been assigned to services. This claim is supported by Table 6, which describes the baseline
characteristics of all three samples. As one would expect under random assignment, treatment
and control claimants have similar basdline characteristics. Table 1 shows that the mean
profiling scores for treatment claimants and control claimants are 0.64 and 0.65, respectively.
The means and frequencies for other baseline variables are also similar between the 