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REPORT OVERVIEW

In a series of chapters, this report provides an overview of methodological issues pertaining to
the impact analysis for the Evaluation of the Trade Adjustment Assistance (TAA) Program. The
report contains the following seven chapters:

I.  “The Sample Design for Selecting the TAA Worker Samples.” This chapter
discusses the design that was used to obtain a nationally representative sample of states
and eligible TAA workers within those states.

II.  “The Selection of the Comparison Group Samples.” This chapter discusses the
selection of comparison samples for each of the TAA worker samples.

III.  “The Baseline Survey.” This chapter provides a discussion of the design of the
baseline survey, interview response rates, and a comparison of interview respondents
and nonrespondents in the TAA and comparison samples.

IV.  “The Follow-Up Survey.” This chapter discusses the design of the follow-up survey,
interview response rates for the TAA and comparison samples, and a nonresponse
analysis.

V. “The Collection of Administrative Records Data.” This chapter discusses
Unemployment Insurance (UI) wage records, TAPR, and WIASRD data that were
collected for the evaluation.

VL “The Follow-Up Survey Sample for the Impact Analysis.” This chapter discusses
the weighting of the follow-up survey sample to generate impact estimates.

VIL. “The Construction of Sample Weights.” This chapter discusses the calculation of
sample weights so that estimates based on interview and administrative data can be
generalized to the full study population.

The details of the TAA evaluation design discussed in this report are complex. Thus, to help
guide readers of this report, we summarize the main features of the design as follows:

e A nationally representative sample of twenty-five states was randomly selected
using probabilities proportional to their share of the national TAA wortker
population (Chapter I). An additional replacement state was added, resulting in a
total of 26 states, which contained about 90 percent of the TAA population nationwide.

e Random samples of TAA-eligible wotkers who received a first UI payment were
selected for the evaluation within each of the 26 study states (Chapter I). The
primary treatment sample for the impact study includes TAA “participants” who
received a significant TAA service, primarily TAA-funded training or Trade
Readjustment Allowances (TRA) after they exhausted their regular Ul benefits.
However, we also selected a second treatment sample of eligible TAA
“nonparticipants,” who did not receive a significant TAA service, but may have
received “light-touch” employment services.



Matched compatison samples were initially obtained for each treatment sample
using UI claims records (Chapter II). The matched comparison samples were Ul
claimants from the manufacturing sector who came from the same local labor market
areas as the treatment samples, but who were not TAA eligible. The matching variables
included demographic information (gender, age, and race/ethnicity), base-petiod
earnings, Ul claim start date, the maximum UI benefit amount, and local area
characteristics (such as the unemployment rate). Nearest neighbor propensity score
matching methods with replacement were used to select the comparison samples,
separately for each treatment sample (that is, TAA participants and nonparticipants)
within each state. Two comparison workers were selected for each treatment worker.

Two rounds of surveys were conducted with a random subset of participants and
their matched compatisons (Chapters III, IV, and V). The initial survey was
conducted an average of 29 months after the Ul claim date and collected detailed
information pertaining to (1) the pre-UI claim period and (2) key outcomes covering the
post-Ul claim period, such as the receipt of reemployment, education, and training
services, as well as earnings and employment. This first survey was also conducted with
the nonparticipant treatment group and their matched comparisons. The follow-up
survey, however, was conducted with only TAA participants and their matched
comparisons. This second survey took place an average of 51 months after the Ul
claim date and collected longer-term outcome data. Respondents to the follow-up
survey were the primary analysis sample used for estimating impacts. The follow-up
interview response rate for the treatment group was 63 percent. Sample weights for the
treatment group were developed to account for potential survey nonresponse bias and
to help ensure that the treatment survey sample was nationally representative of all
TAA workers in the sample universe.

Using detailed baseline data collected in the first survey, the compatrison groups
were “rematched” to the treatment groups to ensure that the two groups had
similar baseline charactetistics (Chapter VI). The initial survey collected much
more detailed pre-Ul claim information than was available in the UI claims data that
were initially used for matching. The information covered worker demographics (such
as education level, marital status, and health status), family background, employment
history, and pre-UI job characteristics (including job tenure, union status, company size,
actual and expected job recall status, fringe benefits, industry, occupation, and main
reason stopped working). Because there were some differences in these baseline
measures between the treatments and initially-matched comparisons, we statistically
adjusted (that is, “rematched”) the two samples using the richer baseline measures from
the survey. Kernel matching methods were used for this rematching, where weights
were assigned to each comparison worker based on how similar that worket’s
characteristics were to those of the treatment workers. The rematching produced
equivalent distributions of characteristics in both the treatment and comparison samples
on a large number of variables.

Administrative UI wage records were collected for all treatment and comparison
group sample members (Chapter V). These data, used to estimate impacts on
employment and earnings for the first 12 quarters post-UI claim, do not suffer from
potential survey nonresponse bias and are based on much larger samples than the
survey samples. Thus, the Ul wage records data were critical for assessing the



robustness of the main survey-based impact findings for the three years after the initial
UI claim. The evaluation also collected administrative data on TAA and Workforce
Investment Act (WIA) program services.

Impacts of TAA were estimated by comparing the mean outcomes of
participants to those of their matched compatison groups (Chapter VII). The
same method was used for estimating impacts for nonparticipants. Regression methods
were used to estimate impacts where each study outcome was regressed on a treatment
status indicator variable and a fixed set of baseline covariates. All impact estimates were
calculated using weights to adjust for the sample and survey designs (including survey
nonresponse), so that the impact estimates can be generalized to TAA workers in the
considered sample universes. In addition, estimated standard errors were adjusted for
design effects due to unequal weighting and the clustering of workers within the study
states.
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1: Sample Design

A. INTRODUCTION

The TAA evaluation collected survey and administrative wage records data on samples of
eligible TAA workers and matched comparison groups to obtain unbiased estimates of the impact of
TAA on participants’ employment-related outcomes. The ideal design—random assignment—was
not feasible for the evaluation, because TAA services cannot be denied to eligible workers under
current program rules (so that it would not be possible to construct a control group). Furthermore,
it was not feasible to randomly assign participants to different service groups, because workers
cannot be denied the services to which they are entitled. Consequently, the evaluation employed a
comparison group (propensity score matching) design to obtain estimated impacts.

The sample design for the TAA impact evaluation was structured to achieve several critical
analysis objectives. First, it was structured to produce TAA worker samples that are representative
of the national population of workers who are eligible for and receive TAA services and benefits.
Second, it was structured to produce samples that are representative of the national population of
TAA-eligible nonparticipants to estimate program take-up rates and reasons for program
participation and nonparticipation. Third, it was structured to generate comparison samples of
dislocated workers who were as similar as possible to workers in the TAA samples at the time of job
layoff, except for the offer of TAA services. These comparison samples were used to assess what
the outcomes of treatment group members would have been in the absence of the TAA program.
Finally, the sample design was structured to provide sufficient statistical precision for estimating
policy-relevant program impacts.

The evaluation samples of eligible TAA workers were selected in two stages. In the first stage,
26 states were randomly selected and recruited for the study. In the second stage, the following two
samples of eligible TAA workers were selected from each study state:

1. The “TAA certified-worker sample.” This primary analysis sample included the
following workers: (1) those whose names appeared on certified worker lists that states
obtain from employers as part of states’ mandatory worker notification process for
petitions certified for TAA, and (2) those who received a first Unemployment Insurance
(UI) payment from the state in which the firm named on the petition was located.

2. The “TRA-beneficiaty sample.” This supplementary sample consists of workers who
received Trade Readjustment Allowances (TRA) payments after they exhausted their
regular Ul benefits. These workers had similar UI claims dates as the TAA certified-
worker sample; thus, the two “#reatment” group samples received TAA services at roughly
the same time.

The remainder of this chapter is in six sections and discusses the sample design for selecting
these two nationally representative treatment group samples and obtaining data on them.
Section B provides a summary of the design. Section C discusses the selection of states for the
study, and Section D discusses key administrative records data that were used to obtain the study
samples. Section E discusses the sample frame for the certified-worker samples, and Section F
discusses the sample frame for the TRA-beneficiary sample. Finally, Section G discusses the
overlap between the survey and administrative samples, and between the certified worker and
TRA beneficiary samples. Our design for selecting the comparison group samples is discussed
in Chapter II.
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B. OVERVIEW OF DESIGN

Figure 1.1 displays a flow chart of the evaluation design for selecting the certified-worker and
TRA beneficiary samples. The main steps were as follows:

1. Twenty-five states were randomly selected in geographic strata with probabilities
proportional to the expected number of TAA participants in the state.

2. Recruitment efforts resulted in all 25 states agreeing to participate in the study, along
with one additional state that was recruited as a replacement state due to the initial
reluctance of some states to participate in the study.

3. Data from two sources were collected from each study state to identify the treatment
groups. First, data on TAA-eligible workers were collected from lists of trade-affected
workers provided to state agencies by firms who were certified for TAA. Second, UI
claims data were collected from each state that contain demographic information on Ul
claimants and information on their TRA and UI benefit receipt.

4. TAA petition data were collected from the U.S. Department of Labor (USDOL). These
data contain historical information on certification decisions and dates for all petitions
submitted to USDOL. These data were used to identify workers from firms whose
petitions were certified within our sampling frame window.

5. The certified-worker lists and UI claims data were merged by SSN (or name and zip
code if SSN was not available), and this file was then merged to the USDOL petition file
by petition number (which was available in the certified-worker lists).

0. The sample frame for the certified-worker sample was identified using the merged file and
includes those in both the certified-worker lists and the UI claims data who satisfied date
range and other sample frame criteria. Thus, the certified-worker sample contains
workers who were laid off and are a part of a worker group certified for TAA during the
period covered by certification, and who subsequently received Ul benefits.

7. Not all certified workers actually receive TAA services. Thus, within each state, the
certified-worker sample frame was divided into “T°AA participants” (those who received
TRA benefits according to the Ul claims records) and “I'AA nonparticipants” (those who
did not receive TRA benefits according to the Ul claims records).

8. The sample frame for the TRA-beneficiary sample included those in the Ul claims files who
collected TRA benefits and satisfied date range and other sample frame criteria,
regardless of whether they appeared on a certified-worker list the state provided us.

9. Baseline and follow-up interviews were conducted using the certified-worker sample
only. Within each state, the “baseline survey sample” was obtained by randomly selecting
separate subsamples of TAA participants and TAA nonparticipants using stratified
sampling techniques. Twice as many TAA participants than nonparticipants were
selected for baseline interviewing. The contact information in the Ul claims data was
used to locate sample members for telephone interviews. The “follow-up survey sample’
included T-AA participants in the baseline survey sample.



Figure I.1. Overview of the Study Design
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10. Administrative UI wage records, Workforce Investment Act Standardized Record Data
(WIASRD), and Trade Act Participant Report (TAPR) records were collected for large
random subsamples of the certified-worker and TRA-beneficiary populations.

An important evaluation design feature was the selection of two TAA treatment samples.
These two samples became eligible for TAA services at roughly the same time. Thus, impact
estimates for each sample could be compared to examine the robustness and credibility of study
findings under the quasi-experimental design to improve the ability of the evaluation to yield
informative conclusions about program impacts.

Each treatment sample has advantages and disadvantages. The primary treatment group, the
certified-worker sample, contains both TAA participants and TAA nonparticipants. Thus, this
sample can be used to obtain information on TAA participation rates among eligible workers and
reasons for their participation or nonparticipation (see Dolfin and Berk 2010). Furthermore, TAA-
eligible workers might receive Rapid Response and other Workforce Investment Act (WIA) and
Employment Service (ES) early intervention services and One-Stop Career Center core services that
could obviate their need for TAA. Thus, both TAA participants and nonparticipants in the
certified-worker sample were considered treatment groups for the study, and impacts were estimated
for each. A disadvantage of the certified-worker design, however, is that the certified worker lists
that states provide could be incomplete. Furthermore, a worker that appears on a certified worker
list in one state might be drawing UI benefits in a neighboring state, and, hence, would have no
chance of being included in the sample.

The TRA-beneficiary sample is conceptually similar to the TAA participant sample described
above because these samples were aligned in terms of their UI claim and TAA eligibility dates. An
advantage of the TRA-beneficiary sample, however, is that it includes everyone who received a TRA
payment in any of the randomly selected states in the study’s sample. Thus, this sample generalizes
to the universe of those who receive TRA. On the other hand, not all TAA participants receive
TRA, so impact estimates generated for this group do not apply to TAA participants as a whole.
For example, at the time the study was designed, TAPR data indicate that about 78 percent of TAA
participants received TRA; this percentage has fallen to 68 percent for more recent cohorts. (These
percentages include in the base those who received only a waiver, who are not considered TAA
participants for purposes of the impact evaluation. Excluding those who received only a waiver,
92.9 percent of TAA participants received TRA).

The remainder of this chapter discusses each design step in Figure 1.1 in more detail.

C. SELECTION OF STATES

This section discusses the state selection design and the state recruitment process.

1. State Selection Design

Our design called for selecting a random subset of states rather than all states nationwide for
two reasons: (1) the TAA caseload is relatively concentrated, and (2) sample selection and data
acquisition costs would have increased significantly with the number of states selected. Although a
clustered sample of states results in a slight loss in the precision of study estimates (but no bias), the
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savings in resources and reduced administrative complexity provided by sampling states more than
offset this loss.

To select the states for the evaluation, we obtained from USDOL petition data on all TAA and
North American Free Trade Agreement (NAFTA) industry certifications from fiscal year (FY) 1999
through FY 2006. These petition data provided a sample frame from which to select the states,
because each petition contains information on the estimated number of trade-affected workers (that
is, those who are likely to lose their jobs in the period covered by the certification). The petition
data contain information on more than 14,200 certified firms, covering nearly 1.5 million dislocated
workers.

Although the study included workers from firms whose petitions were certified during the one-
year period from November 1, 2005 to October 31, 2006, we collected petition data from multiple
years to examine the extent to which state shares of the eligible TAA population changed over time.
This analysis was important for several reasons. First, we wanted to set state sampling probabilities
that were based on “typical” state shares to “smooth out” unusually high or low state TAA activity
in a given year. For example, we did not want to assign a low sampling probability to a state that
had an unusually low TAA share in FY 2006, but that had much higher shares in FY 1999 to FY
2005. Second, the information in the petitions on the estimated number of trade-affected workers is
known to be somewhat noisy. Thus, using historic petition data could help remove this noise, and
yield more accurate estimates of actual state shares during the period covered by the study.

The trend analysis revealed that state shares were relatively constant over time; that is, states
with relatively high TAA activity in one year tended to have relatively high TAA activity in other
years. Por instance, from FY 2003 to FY 2000, the correlation between state shares in any two years
was about .85, and similarly for the correlations between state share rankings. In addition, there was
little change over time in the 15 or 20 states with the largest TAA worker shares.

Given these analysis findings, we randomly selected states using the average of the state shares in
FY 2005 and FY 2006. Table I.1 displays these state shares (Column 3) and state selection
probabilities (Column 4) assuming sampling with replacement. The figures pertain to the 50 states,
the District of Columbia, and Puerto Rico. The state selection probabilities sum to 25, the number
of states originally selected for the study. The table also displays selection probabilities that sum to
26 (Column 5), because the final study sample included one additional (replacement) state that was
approached in the recruitment phase of the study and that agreed to participate in the evaluation (see
below). For simplicity, this 206-state design was “assumed” for calculating sample weights (see
Chapter VIII). The data are ordered by state, according to their shares of the TAA population, from
largest to smallest.

Using Table 1.1, we randomly selected 25 original states with probabilities proportional to the
state shares shown in Column 3. State selection occurred in late 2006. Thirteen states (North
Carolina, California, Pennsylvania, Michigan, South Carolina, Georgia, Tennessee, Ohio, Illinois,
Indiana, Texas, New York, and Alabama) were chosen with certainty. Four additional states
(Kentucky, Virginia, Wisconsin, and Missouri) were also chosen with certainty, because after
removing the initial thirteen certainty states, the probability of selecting these four states was .96, .90,
.88, and .87.

11
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Table I.1. State Selection Probabilities for the TAA Evaluation

Average Annual Share
of Trade-Affected

Workers in Certified State Selection State Selection
USDOL Firms in FY 2005 and Probability Under a Probability Under a 26-
State Region FY 2006 (Percentages)? 25-State Design State Design
North Carolina 3 9.7812 1.0000 1.0000
California 6 9.5307 1.0000 1.0000
Pennsylvania 2 5.7822 1.0000 1.0000
Michigan 5 5.6956 1.0000 1.0000
South Carolina 3 4.8528 1.0000 1.0000
Georgia 3 4.7894 1.0000 1.0000
Tennessee 3 4.5840 1.0000 1.0000
Ohio 5 4.4514 1.0000 1.0000
lllinois 5 4.2700 1.0000 1.0000
Indiana 5 3.9740 1.0000 1.0000
Texas 4 3.6127 1.0000 1.0000
New York 1 3.5500 1.0000 1.0000
Alabama 3 3.0492 1.0000 1.0000
Kentucky 3 2.5598 1.0000 1.0000
Virginia 2 2.5555 1.0000 1.0000
Wisconsin 5 2.3617 1.0000 1.0000
Missouri 5 2.3319 1.0000 1.0000
Massachusetts 1 1.9201 0.6898 0.7760
Arkansas 4 1.8641 0.6697 0.7534
New Jersey 1 1.4914 0.5358 0.6028
Oklahoma 4 1.4737 0.5294 0.5956
Mississippi 3 1.2177 0.4375 0.4922
Minnesota 5 1.1652 0.4186 0.4709
Colorado 4 1.1638 0.4181 0.4704
lowa 5 1.0916 0.3922 0.4412
Oregon 6 1.0808 0.3883 0.4368
Florida 3 1.0023 0.3601 0.4051
New Hampshire 1 0.9446 0.3393 0.3818
Maryland 2 0.8953 0.3216 0.3619
West Virginia 2 0.8616 0.3095 0.3482
Rhode Island 1 0.8310 0.2985 0.3359
Washington 6 0.8246 0.2963 0.3333
Connecticut 1 0.7194 0.2585 0.2908
Arizona 6 0.5757 0.2068 0.2327
Maine 1 0.5018 0.1803 0.2028
Vermont 1 0.3782 0.1359 0.1528
Kansas 5 0.3318 0.1192 0.1341
Idaho 6 0.2475 0.0889 0.1000
Utah 4 0.2276 0.0818 0.0920
Arkansas 4 0.2034 0.0731 0.0822
Nevada 6 0.1940 0.0697 0.0784
Nebraska 5 0.1828 0.0657 0.0739
Louisiana 4 0.1784 0.0641 0.0721
Delaware 2 0.1663 0.0597 0.0672
South Dakota 4 0.1587 0.0570 0.0641
Montana 4 0.1200 0.0431 0.0485
Puerto Rico 1 0.0973 0.0350 0.0393
Hawaii 6 0.0634 0.0228 0.0256
New Mexico 4 0.0515 0.0185 0.0208
North Dakota 4 0.0429 0.0154 0.0173
Wyoming 4 0.0000 0.0000 0.0000
District of Columbia 2 0.0000 0.0000 0.0000
Total 100.0000 25.0000 26.0000

Source: DOL petition data on all industry certifications in FY 2005 and FY 2006.

Figures pertain to the estimated number of trade-affected workers that are denoted in each petition.
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The remaining eight noncertainty states were randomly sampled from the universe of
35 noncertainty states, with the probabilities shown in Column 4 of Table I.1. We selected the
noncertainty states by ordering them by the six USDOL regions and using a systematic sampling
approach; this ensured that the sample of states would be dispersed geographically. Geographic
stratification was a useful way of ensuring that the sample of states would represent the full range of
TAA programs and participants, because states within a geographic area tend to have similar
industries, workers, and labor markets. The selected noncertainty states were as follows: Region 7:
New Hampshire, New Jersey, and Rhode Island; Region 3: Florida; Region 4: Arkansas and Colorado;
Region 5: Minnesota; and Region 6: Washington.

After selecting the 25-state sample, we also randomly selected “replacement” states in the event
that “primary” states refused to participate in the study. We sequentially randomly selected
replacement states within each region using the sampling techniques discussed above. The plan was
to contact replacement states in a region (moving down the ordered list) if we could not solicit the
cooperation of the primary states in that region. This process yielded the sample of primary and
ordered replacement states shown in Table 1.2.

As discussed further below, based on actual data collected from the 26 states, we estimate that
the 17 certainty states contain about 78 percent of all TAA-eligible workers in the sample frame for
the study. The corresponding figure is 10 percent for the 9 noncertainty states (including the
replacement state Maryland). Consequently, the total sample of 26 certainty and noncertainty states
contains nearly 90 percent of all workers in the sample frame.

2. State Recruitment

State recruitment started in early 2007 and involved contacting senior regional and state
workforce agency officials, and state TAA coordinators and administrators. The study team
conducted initial telephone calls with regional and state staff, explaining the nature and importance
of the study and its data requirements. Study materials were subsequently sent to the states
describing the evaluation and data requests in more detail.

All 25 selected states eventually agreed to participate in the study. However, it typically took
many months and considerable involvement by USDOL and evaluation staff to solicit the
cooperation of states, obtain formal agreements with them, and obtain the requested data. The
primary reasons why states were initially reluctant to participate in the evaluation were (1) they did
not have enough programming resources to provide the considerable amounts of longitudinal
administrative data that were requested for the study, and (2) legal issues needed to be resolved
before they could release confidential data. These issues were resolved through negotiations
between states, USDOL, and the study team, and by our simplifying our data request to the fullest
extent.
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Table 1.2. Selected States for the TAA Evaluation, by Region

25-State Sample Replacement States (in Order of Selection)

Region 1 Connecticut, Massachusetts, Vermont, Maine, Puerto Rico
New Hampshire
New Jersey
New York?
Rhode Island

Region 2 Maryland, Delaware, West Virginia, Washington D.C.
Pennsylvania®
Virginia®

Region 3 Mississippi
Alabama®
Florida
Georgia®
Kentucky?
North Carolina®
South Carolina®
Tennessee?

Region 4 Utah, Oklahoma, Montana, Louisiana, South Dakota,
North Dakota, New Mexico, Wyoming
Texas?
Arkansas
Colorado

Region 5 lowa, Nebraska, Kansas
[llinois?
Indiana®
Michigan®
Minnesota
Missouri®
Ohio®
Wisconsin®

Region 6 Arizona, Oregon, ldaho, Hawaii, Nevada
California®
Washington

*Denotes a certainty state.

Finally, during the recruitment phase, there was considerable uncertainty as to which of the 25
selected states would ultimately participate in the evaluation. Once we realized the time it was going
to take to obtain final responses from the 25 states and the protracted recruitment and negotiation
process, we contacted several replacement states (using the ordered list shown in Table 1.2).
Replacement states were first contacted in regions where recruitment efforts for the primary states
were progressing slowly. During this process, Maryland (the first replacement state in Region 2)
agreed to participate in the study. Therefore, USDOL decided to include Maryland in the study.
Thus, the final sample has 26 states rather than 25. As shown in Table L1, the sampling
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probabilities are similar for a 25-state or 26-state design. Thus, for simplicity, we “assume” for the
analysis that 26 states were originally randomly selected for the study.

The states provided the first round of data beginning in the fall of 2007 and throughout 2008.
These data included the certified-worker lists and the UI claims data, which were needed to identify
the sample frame for the certified-worker sample. Complete data were provided by 6 states in the
tinal quarter of 2007, 8 states in the first quarter of 2008, 3 states in the second quarter of 2008, 6
states in the third quarter of 2008, and 3 states in the fourth quarter of 2008. All states sent the
requested data to the study contractors, except California, where study programmers selected the
study samples on site and copied, to CDs, pertinent information for these samples only. None of
the state MOUs specified a maximum study sample size, except California.

D. SUMMARY OF KEY DATA PROVIDED BY THE STUDY STATES

The sample frame for the certified-worker sample contains workers who were covered under a
petition certified for TAA during the period covered by certification, and who subsequently received
a first Ul payment. The TRA-beneficiary sample frame includes those who received TRA after
exhausting their UI benefits. This section discusses the two primary sources of administrative state
data that were used to define these sample frames: (1) certified-worker lists and (2) UI/TRA claims
data.

1. Certified-Worker Lists

The sample frame for the certified-worker sample was obtained using all workers on the worker
lists certified for TAA that the affected firms provided to the 26 states included in the evaluation.
These lists are available (and include the workers’ contact information) because, under the 1988
legislative changes to the TAA program, state agencies became required (1) to identify potentially
eligible workers by obtaining lists of workers who were separated or partially separated from trade-
affected firms during the period covered by certification, and (2) to notify each potentially eligible
worker in writing.

The Office of Management and Budget’s (OMB) approval for the study’s data collection was
obtained in November 2006. Shortly thereafter, the evaluation team contacted each of the 26 states
and asked them to provide certified-worker lists for all petitions that were certified anytime during
the one-year period selected for the study: November 1, 2005 through October 31, 2006. Workers
covered by a petition are potentially eligible for TAA services if they receive a layoff anytime from
one year before the petition was filed to two years after the petition was certified. Thus, affected
workers in our sample universe could have experienced their layoff anytime from September 1, 2004
(the eatliest layoffs covered by the earliest petition certified in the petition date range) through
October 31, 2008 (the last layoffs covered by the last petitions certified), roughly a four-year period. '
The certified lists were typically provided by states in EXCEL spreadsheets or hardcopy form.

! By law, DOL has 40 days to make a determination once it receives a completed petition. Thus, if a petition was
certified on November 1, 2005, it might have been filed 40 days earlier, or September 22, 2005. An applicable layoff
could have occurred one year before this date, or even earlier if USDOL took longer than 40 days to make a
determination.
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The certified-worker lists usually contain information on the SSN, name, and address of each
worker. These data items were critical for matching workers to the Ul claims data to select the
certified-worker samples (as discussed below). For each worker in the certified-worker lists, there is
also information on the 1AA petition number for the worker’s firm. This petition number was used to
merge the certified-worker lists to a petition file provided by USDOL that contains historic
information on each petition submitted to USDOL. This petition file contains certification
decisions and dates, which were critical for defining the sample frame for the study.

Not all states were able to provide a certified-worker list for every petition that was certified
during the study’s one-year certification window. The number and percentage of certified-worker
lists that the states were able to provide are shown in columns 3 and 4 in Table 1.3. Overall, we
received 1,010 certified lists, or 87.3 percent of the 1,157 petitions that were certified for TAA
within this date range in the study states.

The number of worker names included on a certified-worker list did not always match the
expected number of affected workers identified for that petition. Discrepancies could have occurred
for three reasons: (1) the estimated number of affected workers provided by the petition filer either
over- or under-stated the actual number of workers who experienced dislocations, (2) the certified-
worker lists provided names of those who had experienced a dislocation at the time the lists were
provided, while the estimates provided with the petitions included these as well as dislocations that
were expected to occur subsequently, or (3) the certified-worker lists were incomplete or inaccurate
for other reasons.

Comparisons of the number of workers included on the certified worker lists and the estimated
number of affected workers included with the petitions are provided in the final three columns of
Table 1.3. The simple correlation between the two worker counts is .33. However, excluding
Pennsylvania and Wisconsin, the correlation is .87, because these two states show especially large
mismatches between the two data sources.” Moreover, during site visits to the states, state TAA
coordinators assured us that certified lists are generally complete and accurate.

These results suggest that the certified-worker lists are comprehensive, and thus, constitute a
reasonable sampling frame for the TAA study. However, it is important to emphasize that our
results generalize formally only to those workers listed on the certified-worker lists (and who could
be matched to records in the Ul claims data), and not necessarily to all trade-affected workers.

2 In actuality, 1,204 petitions were certified during this period in these states. Petition numbers are designated by a
five-digit number, sometimes followed by a suffix. For petitions with a suffix, the suffixes typically designate the
separate locations in which a firm certified for TAA operates and has affected workers, with the leading five-digit
number remaining the same. Some states provided certified lists with suffixes, and some did not. States in the latter
group provided a single list for each five-digit number, covering all eligible workers at any location operated by the firm,
and in these states the total number of certified petitions was calculated as the number of unique five-digit numbers.

3 These two states often asked affected firms to include all the firms’ workers on the worker lists, regardless of
whether the worker had been or was expected to soon be separated from employment.
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1: Sample Design

Number of Petitions Certified

Number of Affected Workers

Petitions Certified Estimated Names on
Certified Lists Percentage Affected Certified Percentage
State by USDOL  Provided Provided Workers Lists Provided
Alabama 34 32 94.1 5,146 2,684 52.2
Arkansas 33 32 97.0 2,768 4,508 162.9
California 106 85 80.2 11,520 6,505 56.5
Colorado 24 20 83.3 1,506 1,947 129.3
Florida 12 10 83.3 819 968 118.2
Georgia 58 50 86.2 7,367 5,211 70.7
Illinois 43 38 88.4 3,841 5,385 140.2
Indiana 36 34 94.4 3,179 1,555 48.9
Kentucky 30 23 76.7 3,343 3,559 106.5
Maryland 11 10 90.9 1,298 968 74.6
Michigan 110 83 75.5 8,906 NA NA
Minnesota 16 11 68.8 739 263 35.6
Missouri 23 19 82.6 2,293 3,797 165.6
H:Vn:pshire 9 7 77.8 1,305 1,060 81.2
New Jersey 26 23 88.5 1,214 949 78.2
New York 56 53 94.6 3,748 1,998 53.3
E'Srrct):‘ina 151 130 86.1 10,580 7,812 73.8
Ohio 57 53 93.0 8,062 7,639 94.8
Pennsylvania 90 90 100.0 4,733 13,969 295.1
Rhode Island 15 13 86.7 834 318 38.1
Qumh 49 41 83.7 5,028 3,523 70.1
Tennessee 54 49 90.7 4,752 2,797 58.9
Texas 30 29 96.7 2,035 1,660 81.6
Virginia 32 32 100.0 3,971 3,649 91.9
Washington 13 13 100.0 402 532 132.3
Wisconsin 39 30 76.9 2,874 24,646 857.6

Source: Certified-worker lists and certified TAA petitions from the 26 study states.

Note: The Estimated Affected Workers represents the number of affected workers as shown on the petition

when it was filed for certification.

Names on Certified Lists represent the number of names on the

certified lists we obtained from the states (who in turn had obtained them from the affected employers).

NA = Not available
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2. UI/TRA Claims Data

UI/TRA claims data were critical for the evaluation because they were used to:

e Restrict the certified-worker sample frame to those who received UI benefits.

e Provide information on the receipt of TRA benefits to (1) classify members of the
certified-worker sample as TAA participants or TAA nonparticipants, and (2) identify
workers for the TRA beneficiary sample.

e Identify comparison group members, who consist of Ul recipients who were matched
to treatment group members based on information contained in the UI claims files (see

Chapter II)

e Provide contact information (name, address, telephone number, and SSN) that was
needed to locate TAA (and comparison group) members for baseline interviews.

Once we obtained OMB approval in November 2006, we requested UI/TRA claimant data
from each of the 26 study states. We requested data dumps of all workers who received a first Ul
payment of any type from the first quarter of 2004 to the most recent quarter that Ul records were
available when the data were extracted.

Some states provided data promptly, while others took almost two years to do so. Thus, the
data coverage period differs somewhat across states (Table 1.4). For instance, the /afest Ul first claim
date in the state files ranges from December 2006 (in a handful of states that provided data early) to
August 2008. As noted, for petitions certified between November 2005 and October 20006,
qualifying layoffs could have occurred as early as September 1, 2004 or as late as October 31, 2008.
Thus, as discussed in more detail below, states differ in the extent to which their files provide full
coverage of layoffs that occurred late in the petition eligibility period for the study. Furthermore,
five states could not provide first-payment claimant data going back to September 2004, so some
early layoffs in the eligibility window may also not be captured.

States differed in the specific data elements that are included in their claimant files. However,
all files included the following information:

e Identifying information: SSN, name, address, and telephone number.
e Demographic information: Gender, date of birth, and race/ethnicity.
e Job charactetistics: Base-period earning and industry of main base-period employer.

e Ul claim and benefit data: Benefit year begin date; date of UI or TRA first payment;
date of UI or TRA last payment; UI claim type (regular Ul, emergency UL, TRA, etc.);
UI and TRA maximum benefit amount; UI and TRA weekly benefit amount; and UI
and TRA remaining claim balance.

About half the states also provided worker profiling information (such as profiling scores), and a
few states also provided additional information, such as weeks worked on the job or claimant’s
education level.
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Table 1.4. Date Range of First Ul Payments in UI/TRA Claimant Files, by State

Earliest First Payment Latest First Payment
State Dates the State Provided Dates the State Provided
Alabama 11/05 7/08
Arkansas 4/04 2/08
California 4/04 7/08
Colorado 4/04 4/08
Florida 4/05 8/08
Georgia 4/04 1/08
lllinois 12/03 4/07
Indiana 4/05 9/07
Kentucky 1/04 12/06
Maryland 1/04 6/07
Michigan 4/04 12/06
Minnesota 4/04 11/07
Missouri 10/04 12/06
New Hampshire 11/04 9/07
New Jersey 4/04 12/07
New York 4/04 3/08
North Carolina 1/04 5/07
Ohio 4/04 10/07
Pennsylvania 4/04 3/08
Rhode Island 4/04 2/08
South Carolina 4/04 3/08
Tennessee 1/04 3/07
Texas 4/04 10/07
Virginia 11/03 3/08
Washington 4/04 9/07
Wisconsin 1/04 12/06

Source: UI/TRA Claims files from the 26 study states.

Finally, for purposes of matching TAA participants to comparison group members and for
creating subgroups for analysis, we merged, by state, county, and year (if relevant), the following
local area characteristics into the Ul claims records:

e The annual unemployment rate in 2000 to 2006 using data from the U.S. Bureau of
Labor Statistics (BLS).

e The poverty rate in 2004 using data from the Area Resource File (ARF).

e The percentage of workers in manufacturing in 2000 and 2005 using ARF data.
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o The average earnings per job in 2005 using data from the Inter-University
Consortium for Political and Social Research (ISPSR).

e The percentage population growth between July 1, 2000 and July 1, 2005 using
ICPSR data.

e The U.S. Department of Agriculture, Economic Research Service (ERS) 2003
Rural-Urban Continuum Code using ICPSR data. These codes form a classification
scheme that distinguishes metropolitan counties by the population size of their
metropolitan area, and nonmetropolitan counties by degree of urbanization and
adjacency to a metropolitan area or areas. There are nine such codes that range from a
metropolitan area with a population of 1 million or more to rural areas that are not
adjacent to a metropolitan area.

e Local area unemployment statistics (LAUS) area type indicators in 2007 using
BLS data. These indicators pertain to labor market areas that are economically
integrated geographic areas within which individuals can reside and find employment
within a reasonable distance or can readily change employment without changing their
place of residence. Labor market areas are metropolitan areas, micropolitan areas, or
small labor market areas, and exhaust the geography of the U.S. These area definitions
are often used to allocate Federal program funds to states and local areas.

3. Merging Petition, Ul/TRA Claimant, and Certified Worker Files

To obtain the sample frame for the certified-worker sample, we merged the certified-worker
lists, the USDOL petition file, and the UI/TRA claims data within each state. The certified-worker
lists were first concatenated within each state and then merged with the USDOL petition file using
the TAA petition number. In this way, workers certified for TAA had associated with them the
characteristics of the petition that was associated with their certification (such as the petition
determination, impact, and termination dates). The resulting file was next merged with that state’s
UI/TRA claims file based on the worker’s SSN, or in cases where SSNs were not available in the
certified worker file, using name and zip code matching.* Only matches of certified workers to
regular UI claims were attempted.’

Some certified workers in a state did not appear in that state’s claimant file with a regular UI
claim. This could have occurred because the worker (1) did not experience a dislocation; (2)
experienced a dislocation but did so after the date range covered by the state’s claims file; (3)
experienced a dislocation during the period covered by the state’s claims file but was not eligible for
UI, was eligible for UI but elected not to file a claim, or found reemployment before receiving a first
payment; or (4) experienced a dislocation, but filed a claim in a state other than the state in which

#In the 21 states whose certified worker lists provided SSNs for all or nearly all workers in the files, 76 percent of
certified workers were matched to at least one record in the UI claims files. In the 5 states whose certified worker lists
lacked SSNis, the rate of matching was an average of 58 percent.

5 Workers can only collect TRA if they first exhaust UL Thus, certified wotkers were matched to UI claims (rather
than to TRA claims) to identify the beginning of the benefit receipt spell associated with their dislocation.
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the firm covered by the petition was located. The rate at which certified workers appeared in the
state’s claims file varied by state (Table 1.5), ranging from a low of about 25 percent (i.e., relatively
few certified workers appeared in the state’s claims file) to nearly 100 percent (i.e., nearly all certified

workers appeared).

Table I.5. Rate at Which Certified Workers Appear in States’ Claimant Files and Are
Matched to a Claims Records

Percentage of Certified Percentage of Certified

Number of Workers Found in Workers Matched in
State Certified Workers Claimant File Claimant File
Alabama 2,684 98.3 97.9
Arkansas 4,506 91.0 70.0
California 6,539 76.9 54.4
Colorado 1,947 43.6 39.6
Florida 968 39.9 37.3
Georgia 5,202 95.6 89.5
Illinois 5,377 67.4 47.3
Indiana 1,555 91.4 84.2
Kentucky 3,476 56.5 45.5
Maryland 1,714 43.2 40.1
Michigan 4,815 59.3 45.0
Minnesota 263 75.3 66.2
Missouri 3,797 31.3 26.2
New Hampshire 1,060 68.0 53.0
New Jersey 947 85.5 77.1
New York 1,998 87.0 75.3
North Carolina 7,812 82.6 65.2
Ohio 7,563 65.4 54.1
Pennsylvania 13,745 54.4 34.9
Rhode Island 318 99.4 98.4
South Carolina 3,509 79.3 64.7
Tennessee 2,801 97.0 85.8
Texas 1,658 72.1 66.2
Virginia 3,647 95.8 67.2
Washington NA NA NA
Wisconsin 24,646 25.1 15.6
Source: Certified-worker lists and UI/TRA claims files from the 26 study states.
Note: The numbers of certified workers appearing in the first column of this table differ slightly from

those shown in Table I.3 because workers who appear on a state’s certified worker list more than once,
with different petition numbers, are excluded from this table but not the earlier one.

NA=Not available, because Washington did not provide complete administrative data.
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Conversely, some certified workers appeared in a state’s claims file multiple times, each with a
different Ul claim begin date, suggesting that the worker filed multiple Ul claims over the covered
period. The challenge in these cases was identifying the single claim that appeared to relate to the
trade-related dislocation. This identification was important for two reasons. First, the claim begin
date was taken to approximately represent the date of the job dislocation, and, hence, constitutes the
dividing line for the measurement of pre- and post-displacement employment and earnings. Second,
using propensity score methods, comparison group members were selected who closely matched the
certified-worker treatment group members with respect to the date of job dislocation and the
characteristics of base-period employment (such as base-period earnings).

For cases with multiple Ul claims, we identified the single claim associated with the TAA
petition using the following criteria:

e The UI claim was selected if we could find a corresponding TRA claim associated with
it. Although the specifics varied from state to state, this criterion typically meant that
there was a TRA claim in the file whose benefit-year begin date was the same (or nearly
the same) as a Ul claim benefit-year begin date, or the TRA claim’s first payment date
was shortly after a UI claim last payment date.

e The UI claim benefit-year begin date fell within the range of the petition’s eligibility
period (that is, the approximately three-year period running from the petition’s impact
date to the termination date).

In sum, matches between the certified-worker file and the UI/TRA claims file were deemed
acceptable if: (1) the certified worker appeared only once in the claims file and the UI claim begin
date fell within the petition’s impact-to-termination date range, or (2) the certified worker appeared
multiple times in the claims file but only one claims record met either of the two criteria above.
Thus, workers who appeared on a state’s certified-worker list are zof part of the certified-worker
sample frame for one of several reasons:

1. The certified worker did not appear in the state’s Ul claims file at all, for any of the
reasons discussed earlier.

2. The certified worker appeared in the state’s claims file with a Ul claim only once, but the
benefit-year begin date of this claim fell outside the petition’s eligibility period.

3. The certified worker appeared in the state’s claims file with more than one Ul claim, but
a single claim corresponding to the trade-related dislocation could not be identified (i.e.,
no single UI claim had a spell of TRA associated with it, and multiple UI claims showed
a benefit-year begin date within the petition’s eligibility period, or none did)."

The percentages of certified workers meeting the required conditions within each state are
shown in the final column of Table I.5. The low match rate in some states (for example, Missouri
and Wisconsin) suggests that the certified-worker sample (discussed in the next section) may not be

¢ By implication, workers who suffered a trade-related dislocation and filed for UL, but who were recalled and then
separated again, were systematically excluded from the sample frame.
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fully representative of all certified workers in the sample universe. Thus, we adjusted the sample
weights to account for this unevenness in state match rates (see Chapter VII). In addition, as part of
the impact analysis, we conducted sensitivity analyses by estimating impacts using alternative
samples of states, such as excluding states with low match rates and excluding states with a high
share of dates out of range (see Chapter VII of the main impact report). It is important to note that
the unevenness in the state match rates has no effect on the internal validity of the impact estimates
(that is the comparability of the treatment and comparison groups), but could affect external validity
(that is, the generalizability of the impact findings).

E. SAMPLE FRAME FOR THE CERTIFIED-WORKER SAMPLE

This section first discusses the definition of the sample frame for the certified-worker sample,
and then discusses our approach for separating the sample into “T'AA participants” and “TAA
nonparticipants.” The final section presents counts of workers in the sample universe, by state and
TAA participation status.

1. Defining the Sample Frame

The sample frame for the certified-worker sample was obtained using the merged file discussed
above. The sample frame includes the following workers:

o Wotkets on wotker lists covered by petitions that became certified for TAA
between November 1, 2005 and October 31, 2006. As discussed, these petitions were
identified using the USDOL petition file. Importantly, even though states furnished data
at different times, the petition certification period for the study was the sae for all states.
We specified a one-year window to account for potential seasonal layoff patterns.

e Those whose UI benefit year started in the approximately three-year period
covered by the applicable petitions’ TAA certification. 'The study included only Ul
recipients, because doing so ensured that the certified workers in fact experienced a
separation during the eligibility period. Furthermore, the comparison group sample was
selected from UI recipients, so UI claims records data for certified workers were needed
for matching purposes. Finally, the Ul data provided contact information for the
baseline interview.

Workers covered by a certification include those laid off between one year prior to the
petition fi/ing date and two years after the petition certification date. It typically takes
USDOL one or two months to make certification determinations. Thus, the sample
frame for the certified-worker sample consists of workers whose UI benefit year started
between September 1, 2004 and October 31, 2008.

o Wotkers between the ages of 16 and 80. Worker ages were calculated using Ul data
on birth dates and claim dates. A small number of workers had calculated ages that were
outside the 16-to-80 range, and we suspect that some of these were due to data-entry
errors. Age was a critical variable for matching TAA sample members to comparison
group members, for checking the identity of sample members at the start of the
telephone survey, and for screening survey respondents for age-related survey questions
(for example, questions on Alternative Trade Adjustment Assistance [ATAA] were asked
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only of those 50 or older). Thus, we excluded those outside the 16-to-80 age range and
those with missing birth dates.

o Workers who received regular UI benefits. Ul records associated with special Ul
programs (such as emergency unemployment compensation, disaster unemployment
assistance, and state and federal extended unemployment benefits) were excluded from
the study. This is because these programs are atypical and could influence the types and
amount of TAA services that are received by trade-affected workers. For instance,
benefits from these special Ul programs are typically paid before TRA payments are paid,
which could influence TAA training decisions. Furthermore, these special UI benefits
would be received by both treatment and comparison group members, which could result
in smaller differences between the UI benefits received by the two research groups, and
hence, smaller TAA impacts on training and employment-related outcomes. Less than 1
percent of all records had these claim types.

o Workers with nonmissing values for key data items. A very small number of cases
were excluded who had missing or invalid data values for gender, base wages, the Ul
benefit year begin and first payment dates, the maximum benefit amount, the UI claim
type, and zip code. Finally, for survey purposes, we excluded a small number of cases
who did not have a telephone number in the Ul claims data.

The number of workers in this certified-worker sample frame is presented later in this section.

2. Rationale for Selecting the TAA Certification Petition Period

A crucial design decision for the evaluation was the time period over which to define the
certified-worker sample universe. As discussed, workers covered by a certification include those laid
off between one year prior to the petition filing date and two years after the petition certification
date. This two-year post-certification coverage period presented a challenge for the study design,
because we began requesting claims files of states in early January 2007, and some states sent us their
UI/TRA claims file right away, covering persons who filed a claim through December 2006. Thus,
to ensure that all workers covered by a certified petition who experienced a separation would appear
in the claims file by December 2006, we would have needed to have chosen certifications for a one-
year period that ended December 31, 2004 (thus allowing two years after the petition certification
date for the layoffs to occur, as allowed by TAA’s eligibility provisions).

Choosing a certification period that was this early posed two problems. First, some workers
covered by a petition certified in this period could have experienced their separation as eatly as
October 2002 (or one year before the filing date for petitions certified in January 2004). This would
have been before the provisions of the Trade Act of 2002 were to have taken effect, meaning that
some workers in the sampling frame would have been receiving services under a different service
regimen. Second, the baseline interview did not commence until the spring of 2008, which would
have meant that some survey respondents would have been recalling details of their separation and
TAA service receipt more than five years after those experiences occurred.

Instead, we selected a one-year petition certification period between November 1, 2005 and
October 31, 2006, which results in a sample frame of TAA-eligible workers who received Ul
benefits between September 1, 2004 and October 31, 2008. Choosing this range: (1) shortened the
survey recall period by about two years, (2) ensured that all workers in the sample frame received
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TAA services after the implementation of all the provisions of the Trade Act of 2002, and (3) still
allowed the bulk of workers covered by the petitions certified during this period to be included in
the UI/TRA claims files that were provided by the study states.

Evidence on the last point is suggested by Table 1.4 above, which shows that about half the states’
UI/TRA claims files covered first payments made at least through the end of 2007. In addition, to
examine coverage rates more fully, we calculated the number of months during the three-year
petition certification period that was not covered by the states’ claims files. This analysis was
conducted using each of the approximately 1,200 petitions in the sample. The results are displayed
in Figure 1.2, where a value of zero represents petitions whose eligibility period was covered entirely
by the states’ claims files, and the maximum value of 22 means that 22 months of the eligibility
period was left uncovered.’

Figure I.2. Months of Petition Eligibility Uncovered by States’ Claims Files
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The data indicate that for 262 petitions—about 21 percent of the total—no months of eligibility
were left uncovered (Figure 1.2). Furthermore, for more than three-quarters of the petitions, the
period left uncovered was 12 months or less. These uncovered months were at the extreme of the
eligibility period for most petitions.

Importantly, relatively few job separations were likely to have occurred during the uncovered
months. This is because most separations occurred near the petition determinations dates. To
verify this, we calculated the proportion of workers who experienced a dislocation outside of the
petiod covered by the UI/TRA claims data, using only petitions whose eligibility period was

7 For 88.9 percent of the 1,204 petition certified during this period, the eligibility period (i.e., the time elapsed
between the impact date and the termination date) is between 36 and 40 months. The months covered by the claims data
was calculated as the impact date or the eatliest month covered by the relevant state’s claims file (whichever was latest)
minus the petition’s termination date or latest month covered by the relevant state’s claims file (whichever was earliest).
This value was then differenced from the total months of the petition’s eligibility period to yield the results tabulated in
Figure A.2.
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completely covered by these data. The results are tabulated in Figure 1.3. Recall that the eligibility
period for most petitions is a little over 3 years (about 158 weeks), commencing about one year
before the petition was filed up to two years after the petition was certified. Figure 1.3 shows that
about 78 percent of covered workers who filed a UI claim did so in the middle 19 months (76
weeks) of this period. Conversely, only 22 percent of workers filed their claim outside this range.

Table 1.6 provides further information on data coverage rates by displaying, by state, the
proportion of certified workers with layoff dates expected to be outside the data range covered by
the states’ claims files. In general, we find that coverage rates were high, although there is some
variation across states. For example, in states whose claim files covered first payments only after
September 2004 (e.g., Alabama) or before January 2007 (e.g., Kentucky, Michigan, Missouri,
Wisconsin), coverage rates are lower than for other states. As discussed in Chapter VIII, we
constructed weights to adjust for this unevenness of data coverage across states.

Figure 1.3. Weeks from the Petition Certification Date to the Worker’s Ul Claim Date
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3. Initial Definitions of TAA Participants and TAA Nonparticipants

The certified-worker lists contain information for TAA-eligible workers who received TAA
services (participants) and for those who did not (nonparticipants). Our evaluation focused on both
groups of workers, but the greater share of study resources was targeted to the participants.

The main purpose of the nonparticipant group for the study was to examine reasons for
program nonparticipation and learn about other (non-TAA) employment and training services
received by these workers (see Dolfin and Berk 2010). The latter services are especially important
because of TAA provisions mandating that certified workers have access to Rapid Response and
One-Stop core services that could increase their participation in non-TAA training programs, and,
potentially lead to increases in their earnings.
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However, we expected larger program impacts for TAA participants than for nonparticipants.
Furthermore, an important component of the evaluation was to describe fully the TAA experiences
of program participants and to estimate impacts for participant subgroups defined by the receipt of
specific TAA services. Thus, more survey resources were targeted to the participant group. In
particular, we conducted twice as many baseline surveys with participants than nonparticipants, and
conducted follow-up surveys with participants only.

Table 1.6. Fraction of Certified Workers with Layoff Dates Outside Range of State Data

Percentage with Layoffs Before Percentage with Layoffs After
State Start of State Data Range End of State Data Range
Alabama 37.8 1.7
Arkansas 0.3 5.1
California 0.3 1.7
Colorado 0.3 3.1
Florida 11.6 1.0
Georgia 0.3 6.6
lllinois 0.2 26.6
Indiana 11.6 11.0
Kentucky 0.2 52.5
Maryland 0.2 17.7
Michigan 0.3 52.5
Minnesota 0.3 9.1
Missouri 31.4 52.5
North Carolina 0.2 22.2
New Hampshire 2.3 11.0
New Jersey 0.3 8.0
New York 0.3 4.2
Ohio 0.3 9.8
Pennsylvania 0.3 4.2
Rhode Island 0.3 5.1
South Carolina 0.3 4.2
Tennessee 0.2 34.6
Texas 0.3 9.8
Virginia 0.1 4.2
Washington 0.3 11.0
Wisconsin 0.2 52.5

Source: Certified-worker lists, TAA petitions, and UI/TRA claims files from the 26 study states.
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We initially defined TAA participants and TAA nonparticipants as follows:

1. Participants were defined as those who received TRA benefits according to the
UI claims data. As discussed, most of the sample had a sufficient follow-up period to
accurately determine whether they were TRA recipients after they exhausted their UI
claims.

2. Nonparticipants were defined as those who had not received TRA benefits
according to the Ul claims data. 'This group includes those with a relatively short
follow-up period between job loss and the latest period covered by their states’ UI data,
as well as those with a longer follow-up period who never received TRA benefits.

The nonparticipant sample was expected to contain some workers who would ultimately receive
TRA, as well as those who had already received or might subsequently have received a significant
TAA service other than TRA. We anticipated that about 20 percent of these initially-defined
nonparticipants would actually be TAA participants. To account for these “switchers,” we sampled
proportionately more nonparticipants than participants for data collection to achieve our target
sample sizes. As discussed in more detail below, we subsequently reclassified initially-defined TAA
nonparticipants as TAA participants once we collected survey data on TAA service receipt, and after
we received TAPR data and updated UI/TRA information.

4. Certified-Worker Sample Universe

There were 49,531 workers in the certified-worker sample universe in the 26 study states (Table
1.7). This figure includes 16,344 TAA participants and 33,187 TAA nonparticipants (based on initial
TAA participation designations).

These counts translate into a sample universe of 54,922 workers across the 50 states, the
District of Columbia, and Puerto Rico (Table 1.7). This figure was estimated using the following
formula:

26
Totalg
. Probg

(1) Total Number of Workers in Universe =

S=

where Totalg is the worker count in state s and Proby = 26 * Shareg, where Shareg is the
estimated share of workers in state s that was used for state selection (see the final column in Table
1.7 that reproduces state shares from the 26-state design shown in Table 1.1 above). This universe
includes 17,892 participants and 37,030 nonparticipants.

These estimates suggest that the 26 study states contain 90.2 percent of all workers in the
certified-worker sample universe (49,531 workers in the 26 study states divided by the estimated
54,922 workers in the sample universe). Similarly, the sample contains 91.3 percent of all
participants and 89.6 percent of all nonparticipants in the study universe.

In actuality, about 25 percent of initial nonparticipants were reclassified as participants using
survey, updated UI/TRA claims, and TAPR data. After accounting for these switchers, we estimate
that the sample universe contains 27,565 participants and 27,357 nonparticipants. Thus, roughly
one-half of all eligible TAA workers receive a significant TAA services.
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Finally, we find that state worker shares using the ac#al data are similar to the estimated state
worker shares that were used to sample the 26 states (see the last two columns of Table 1.7). The
correlation between the two shares is 0.79, and 17 of the 18 states with the largest shares using the
actual data were defined as certainty states for sampling (Arkansas is the lone exception). These
findings suggest that design effects due to state-level weighting are not large (see Chapter VIII).

Table 1.7. Counts and Shares of the Certified-Worker Sample Universe, by State and Initial
TAA Participation Status

Share of All Workers in the

Certified-Worker Sample Universe Entire Universe (Percentage)
Using
TAA TAA Certified- Original
Study State Participants Nonparticipants Total Worker Lists Estimates
North Carolina 3,161 4,233 7,394 13.46 9.78
Pennsylvania 1,382 3,130 4,512 8.22 5.78
Georgia 1,409 2,502 3,911 7.12 4.79
Wisconsin 117 3,706 3,823 6.96 2.36
Ohio 701 3,082 3,783 6.89 4.45
California 477 3,016 3,493 6.36 9.53
Tennessee 1,192 1,276 2,468 4.49 4.58
Illinois 1,022 1,403 2,425 4.42 4.27
Arkansas 763 1,399 2,162 3.94 1.86
Alabama 1,003 1,000 2,003 3.65 3.05
Virginia 823 1,180 2,003 3.65 2.56
Michigan 320 1,269 1,589 2.89 5.70
New York 558 921 1,479 2.69 3.55
Indiana 878 350 1,228 2.24 3.97
South Carolina 431 638 1,069 1.95 4.85
Texas 347 698 1,045 1.90 3.61
Missouri 206 745 951 1.73 2.33
Kentucky 333 557 890 1.62 2.56
Colorado 178 574 752 1.37 1.16
New Jersey 373 344 717 1.31 1.49
Maryland 152 332 484 0.88 0.90
Florida 100 255 355 0.65 1.00
New Hampshire 80 248 328 0.60 0.94
Washington 132 153 285 0.52 0.82
Rhode Island 138 77 215 0.39 0.83
Minnesota 68 99 167 0.30 1.17
Total in the 26 Study
States 16,344 33,187 49,531 91.35 89.62
Estimated Total in the
Universe 17,892 37,030 54,922

Source: Certified-worker lists provided by the 26 study states.
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5. Selecting the Certified-Worker Survey and Administrative Records
Samples

To efficiently use study resources, baseline and follow-up interviews were conducted with
random subsamples of the certified-work sample universe. Twice as many TAA participants were
released for baseline surveys than nonparticipants, and follow-up surveys were conducted with
participants only. Administrative records were collected for both participants and nonparticipants.
The administrative records samples were larger than the survey samples for cost reasons. This
section discusses the selection of these data collection samples.

a. Baseline Survey Sample

The baseline survey sample was randomly selected from workers in the certified-worker sample
universe. Within each state, sampling was performed separately for TAA participants and TAA
nonparticipants (using initial participation designations). In addition, we used systematic sampling
methods, where workers were ordered by gender, local labor market area, race/ethnicity, and age to
ensure a representative survey sample within key population strata.

Our design was structured to select state sample sizes of participants and nonparticipants to
generate survey samples that were as close to self-weighting as possible. This design was adopted to
maximize the precision of the study estimates for a given sample size of workers. To achieve this
goal, we initially calculated participant and nonparticipant sample sizes in each of the selected states
using the figures in Table 1.1 and the following formula:

@) ny = [
ng=f—,
7 ps

where #,1s the number of TAA-eligible workers selected in state 5, [N, is the total estimated number
of TAA-eligible workers in state s, and p, is the probability that state s was selected. The term fis the
national sampling fraction for the population being sampled. Thus, the formula in (2) set the initial
sample in each state () so that the probability of selection was f for all program-eligible workers.
The total probability that a worker was selected is the probability the state was chosen (p) times the
probability that a person was chosen in the state (1,/IN).

The value of fwas selected so that the state samples summed to 2,220 for TAA participants and
1,110 for TAA nonparticipants. These targets were selected so that baseline interviews could be
completed with 1,770 participants and 885 nonparticipants, assuming an 80 percent survey response
rate.

These initial sample sizes, however, were amended for a number of reasons (see Chapter I1I):

1. State samples were released for interviewing in waves. As discussed, states
provided data at different times throughout 2008, and thus, survey samples were released
in several waves (see Chapter III). During this process, it was difficult to anticipate
which states would ultimately provide data and when. Thus, in calculating worker
sample sizes for a particular state, it was necessary to make assumptions about the
ultimate state sample size. These estimates increased from 18 states (for the earliest
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states) to 22 states, to 25 states, and finally to 26 states. These changes affected state
sample sizes.

2. The baseline sutvey response rate was lower than anticipated. Our initial worker
sample sizes were selected assuming an 80 percent response rate to the baseline
interview. However, to achieve our target number of completed interviews, we
increased the size of the baseline survey sample after it became clear that the response
rate would be about 60 to 65 percent (see Chapter III). Furthermore, we released more
samples in states with lower response rates than higher response rates, and took into
account differential response rates for participants and nonparticipants.

3. The sample universe was small in some states. In some states, the sample universe
was smaller than the size of the worker sample targeted for baseline surveys. In these
cases, we selected the entire state universe for the baseline survey sample.

4. California specified 2 maximum sample size. Thus, the selected survey sample in
California was smaller than the targeted sample size.

5. The sampling took into account the Iikelihood that some nonparticipants would
be reclassified as participants. To account for these “switchers,” we sampled more
nonparticipants and slightly fewer participants than equation (2) would suggest, in
anticipation that some nonparticipants would be reclassified as participants using
baseline interview and more recent TRA benefit receipt data.

Table 1.8 (Column 2) displays the resulting baseline survey sample size for the treatment group,
by state and initial TAA participation status. The total survey sample contained 4,381 treatment
workers (2,875 participants and 1,506 nonparticipants). The state samples ranged from 110 to 365,
with a median state sample size of 141.

b. Follow-up Survey Sample

Workers were released for follow-up interviewing about 23 months after their baseline
interview release dates (see Chapter IV). The follow-up survey sample was conducted with TAA
participants in the baseline survey sample, but not with TAA nonparticipants. Before selecting the
follow-up sutrvey sample, we updated the initial TAA participant/nonparticipant designations using
baseline survey information on TAA service receipt (for those who completed baselines). Switchers
were identified as those who reported in the baseline interview as having received any core TAA
services: TRA, TAA-funded training, health coverage through the Health Coverage Tax Credit
(HCTC), and, for workers over age 50, wage subsidies through the Alternative TAA (ATAA)
program.® The worker switching rate using the baseline data was 29 percent; the median state
switching rate was 25 percent, but the rate ranged from 0 to 76 percent across the 206 states.

The follow-up survey sample included 3,000 TAA participants in two groups. The first group
included all 2,228 participants who completed the baseline survey (including the nonparticipant

8 We did not use TAPR and updated TRA benefit receipt information for identifying TAA participants, because
these data were not yet available when the follow-up survey sample was selected.
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switchers). The second group included a random sample of 772 of 872 initially-defined participants
who did not complete the baseline interview.” The subsample of baseline interview noncompleters
was selected using systematic sampling procedures, where the data were ordered by state, gender,
local labor market area, race/ethnicity, and age.

Columns 4 and 5 in Table 1.8 display, by state and baseline survey completion status, the
number of workers in the follow-up survey sample. The figures in parentheses in column 4 are the
number of baseline interview completers who switched from being TAA nonparticipants to TAA
participants using information in the baseline survey on TAA service receipt. The total state follow-
up survey samples range from 82 to 255, with a median state sample size of 98.

¢c. Administrative Records Sample

Administrative Ul wage records, TAPR, and WIASRD data were collected for a random
subsample of the certified-worker universe. This sample was selected separately for participants and
nonparticipants using systematic sampling procedures, where the data were ordered by state, gender,
local labor market area, race/ethnicity, and age. To the extent possible, state administrative records
sample sizes were selected to ensure a self-weighting sample using the methods discussed above for
selecting the baseline survey samples.

The administrative records sample contains 7,421 participants and 12,319 nonparticipants using
initial participant designations (see the final two columns of Table 1.8), who were selected from the
25 (of the study’s 26 states) that supplied the necessary administrative data. We selected more
nonparticipants than participants, because we expected that some nonparticipants were to be
reclassified as TAA participants once we obtained additional service receipt data; thus, we expected
the final analysis sample of TAA participants to be larger than the sample of TAA nonparticipants.

Finally, we also collected administrative wage records for the smaller certified-worker survey
samples of TAA participants and nonparticipants. The certified-worker survey and administrative
records samples were selected independently, although there is some overlap in these samples (as
discussed in Section G below).

d. Identifying Switchers in the Administrative Records Sample

TAPR data on TAA service receipt and updated TRA benefit information were obtained in
several stages throughout the evaluation (see Chapter V). As discussed, TAA nonparticipants were
originally defined as those who did not have a TRA claim according to the first round of UI/TRA
claims data that we received. After the study samples were selected, however, we obtained the
following additional data: (1) TAPR data from all states (except Alabama) that included service
receipt information on all TAA participants between April 2004 and June 2010, and (2) updated
UI/TRA claims data from all states (except Washington) that covered the period from the states’
first-round submissions through June 2010.

° These 872 noncompleters excludes 29 baseline noncompleters who were adamant refusers, were deceased, had
physical or cognitive barriers, or did not meet survey criteria.
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Table 1.8. Certified-Worker Baseline Survey, Follow-up Survey, and Administrative
Records Samples, by TAA Participation Status

Baseline Survey Follow-up Survey Sample Administrative Records
Sample of TAA Participants® Sample
Did Not
Completed Complete a
TAA TAA Non- a Baseline Baseline TAA TAA Non-
Study State Participants® participants? Survey Survey Participants® participants®
Alabama 92 45 67 (7) 26 273 445
Arkansas 88 48 71 (2) 16 276 464
California 241 124 158 (10) 81 477 882
Colorado 93 47 63 (0) 27 175 470
Florida 90 45 54 (4) 31 100 248
Georgia 124 61 94 (8) 34 379 626
lllinois 117 58 85 (16) 43 339 563
Indiana 97 49 73 (8) 27 523 300
Kentucky 92 44 73 (10) 26 270 447
Maryland 85 47 62 (6) 26 152 332
Michigan 135 67 115 (17) 30 319 743
Minnesota 68 42 82 (26) 10 68 99
Missouri 93 45 77 (6) 19 206 463
'E':""th. 236 121 201 (26) 54 770 1,229
arolina

New

Hampshire 79 63 54 (8) 28 79 245
New Jersey 94 52 60 (4) 31 338 281
New York 92 46 71 (6) 23 279 457
Ohio 106 64 90 (12) 24 436 733
Pennsylvania 149 73 111 (5) 37 459 745
Rhode Island 83 44 69 (6) 18 138 76
f:"”th. 125 64 108 (14) 24 389 635

arolina

Tennessee 109 57 97 (16) 26 314 514
Texas 126 57 70 (7) 53 282 434
Virginia 92 46 84 (17) 23 265 437
Washington 81 53 65 (8) 22 NA NA
Wisconsin 88 44 74 (5) 13 115 451
Total 2,875 1,506 2,228 772 7,421 12,319

Source: Baseline and follow-up interview data and UI/TRA claims files

Note: The figures in parentheses in the fourth column pertain to the number of nonparticipant-
to-participant switchers based on updated TAA participation designations using baseline survey
information on TAA service receipt.

*Figures pertain to participation status as initially defined using initial TRA benefit receipt
information in the UI/TRA claims files.

NA=Not available, because WA did not provide administrative data.
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We used these data to identify originally-defined TAA nonparticipants in the administrative
records sample who were actually TAA participants. We identified such “switchers” if either of the
following two conditions were met:

1. The person appeared in the TAPR data as having received a “high” level of service,
defined as those who received training, TRA payments, ATAA benefits, or TAA
allowances (such as job search assistance, subsistence while in training, a travel allowance
while in training, or a relocation allowance). This definition excludes those in the TAPR
data who only received more “light-touch” services such as receiving a waiver, a service
plan, or case management services.

2. The person subsequently received a TRA first payment (based on the updated UI/TRA
claims data) within the 3-year window covered by the TAA petition that was associated
with the worker’s layoff.

Using these criteria, about 25 percent of nonparticipants were reclassified as participants for the
certified-worker administrative records samples. The switching rates ranged from 5 to 100 percent
across states with a median state value of 21 percent."’ Note that switching was not germane to the
follow-up interview sample (the main analysis sample for the impact report), because this sample
included TAA participants only as discussed in Section 5b.

F. SAMPLE FRAME FOR THE TRA-BENEFICIARY SAMPLE

The evaluation also selected a supplementary nationally representative sample from the universe
of TRA beneficiaries. The primary advantage of this sample over the certified-worker sample is that
the UI/TRA records claims data contain information on all TRA beneficiaries, whereas the certified-
worker sample may not be fully representative of all TAA-eligible workers. The main disadvantages
of the TRA-beneficiary sample are that it (1) excluded TAA participants who did not receive TRA
benefits but received other TAA services, and (2) could not be used to examine issues pertaining to
program take-up rates. Thus, using both the certified-worker sample and the TRA-beneficiary
sample improved the ability of the evaluation to yield informative conclusions about program
impacts, because we were able to compare the consistency of results using the two samples.

The sample frame for the TRA beneficiary sample was obtained using the UI/TRA claims files
discussed above, and includes workers identified as having received a TRA first payment
anytime between January 1, 2006 and December 31, 2006.

Our goal was to select a timeframe so that the certified-worker and TRA-beneficiary samples
were receiving TAA services at approximately the same time. To align these samples, recall that the
certification window for the certified-worker sample was November 1, 2005 to October 31, 2000.
Thus, assuming that the average time from petition determination date to Ul claim date is
approximately three months (which we estimated from the Ul claims data for the certified worker
sample) and that TRA benefits commence about 6 months after separation (that is, when UI

10 The calculations exclude AL and WA who did not provide all necessary administrative data. Chapter V presents
sample sizes for the administrative records samples that take into account the switchers.
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benefits will typically be exhausted), we estimated that persons in the certified-worker sample began
receiving TRA benefits, on average, from August 2006 to July 2007. However, there were 8 states
whose Ul data did not cover the period up to July 31, 2007. Thus, we used instead the January 1,
2006 to December 31, 2006 timeframe for the TRA-beneficiary sample, because all states provided
data through the end of 2006. Although few individuals were randomly chosen for both the
certified-worker and TRA-beneficiary samples, the timeframes thus overlap (although the TRA-
beneficiary sample received TAA services slightly earlier than the certified-worker sample). In this
way, impact analyses using one sample could be used to test the robustness of conclusions estimated
from the other sample.

Several additional criteria were also imposed to identify the TRA-beneficiary sample universe
(the first three criteria are the same ones imposed for the certified-worker sample):

o Wotkets between the ages of 16 and 80.
o  Wotkets who received regular UI benefits.
o Workers with nonmissing values for key data items.

o Workers with logical and plausible dates for the Ul spell and TRA payments. The
first TRA payment date could not be more than 9 months after the first UI payment date
and could not precede the end of the Ul spell by more than 2 months.

With these restrictions, there were 25,810 workers in the TRA-beneficiary universe in the 25 of
the 26 study states that provided the necessary data (Table 1.9) and 30,973 workers nationwide. The
size of the universe ranged from 56 workers in New Hampshire to nearly 6,000 workers in North
Carolina.

Administrative UI wage, TAPR, and WIASRD data were collected for a random subsample of
the TRA-beneficiary sample, but survey data were not collected for this sample due to project
resource constraints. The TRA-beneficiary administrative data collection sample contains 10,095
workers (Table 1.9). This sample was randomly selected using the same systematic sampling
methods as were discussed above for selecting the certified-worker samples.

G. OVERLAP IN THE TREATMENT SAMPLES

There is some overlap in the treatment samples for TAA participants and similarly for TAA
nonparticipants (Table 1.10). For instance, among those in the certified-worker survey participant
sample, about 69 percent are also in the certified-wage administrative records participant sample and
23 percent are in the TRA-beneficiary sample. Similarly, for nonparticipants, 59 percent in the
certified-worker survey sample are also in the certified-wage administrative records sample.

Altogether the sample contains 34,577 treatment observations and 30,013 wnique workers.
About 87 percent of workers are in one treatment sample only, 11 percent are in two samples, and 2
percent are in three samples.
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Table 1.9. Counts of Workers in the TRA-Beneficiary Sample Universe and the
TRA-Beneficiary Administrative Records Sample

TRA-Beneficiary

TRA-Beneficiary Administrative Records
State Sample Universe Sample
Alabama 572 370
Arkansas 346 346
California 678 516
Colorado 273 272
Florida 146 146
Georgia 1,390 506
lllinois 1,454 451
Indiana 982 429
Kentucky 1,154 365
Maryland 213 209
Michigan 2,627 597
Minnesota 252 252
Missouri 300 300
North Carolina 5,989 1,029
New Hampshire 56 56
New Jersey 530 476
New York 732 366
Ohio 893 578
Pennsylvania 1,406 610
Rhode Island 294 289
South Carolina 1,347 520
Tennessee 1,923 481
Texas 1,442 379
Virginia 637 379
Washington NA NA
Wisconsin 174 173
Total 25,810 10,095

Source: UI/TRA claims files provided by 25 study states

NA=Not available, because WA did not provide administrative data.
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Table I.10. Overlap in the Five Treatment Samples

Percentage of Those in the Treatment Sample in Column 1 Who Are Also
in the Indicated Treatment Sample

TAA Participants?® TAA Nonparticipants®
Certified-Worker Certified-Worker

Treatment Sample Administrative TRA- Certified-Worker Administrative
(Sample Size) Records Beneficiary Survey Records
TAA Participants®
Certified-Worker 68.8 23.4 0.0 0.0
Survey (2,875)
Certified-Worker 100.0 20.7 0.0 0.0
Administrative
Records (7,421)
TRA-Beneficiary 15.3 100.0 0.0 0.0
(10,095)
TAA
Nonparticipants®
Certified-Worker 0.0 0.0 100.0 59.1
Survey (1,506)
Certified-Worker 0.0 0.0 7.2 100.0

Administrative
Records (12,452)

Source: UI/TRA claims files and certified-work lists provided by the 26 study states

*Figures pertain to participation status as initially defined using initial TRA benefit receipt
information in the UI/TRA claims files.
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1I: Selection of Comparison Groups

A. INTRODUCTION

The ideal design for the National Evaluation of the TAA Program—random assignment—was
not feasible, because TAA services cannot be denied to eligible workers under current program rules
(so that it would not be possible to construct a control group). Furthermore, it was not feasible to
randomly assign participants to different service groups, because TAA participants cannot be denied
the services for which they are eligible. Consequently, the evaluation employed a comparison group
(propensity score matching) design to obtain estimated impacts. Under this design, the outcomes of
the comparison group are intended to represent the “counterfactual” outcomes of the treatment
group had they not received TAA program services.

For the evaluation, we selected separate comparison samples within each state for the following
five treatment samples discussed in Chapter I:

1. The certified-worker survey sample for TAA participants (based on initial
patticipant/nonpatticipant designations using UI/TRA claims data)

The certified-wotker survey sample for TAA nonparticipants

The certified-worker administrative records sample for TAA participants

The certified-worker administrative records sample for TAA nonparticipants

AR e

The TRA-beneficiaty administrative records sample

In total, we selected 130 matched comparison samples for the five treatment groups across the
26 study states. The comparison samples were selected from workers in each state’s regular Ul
program who were not eligible for TAA services, but who were otherwise similar to treatment group
members based on their observable matching characteristics.

We used nearest neighbor propensity score matching methods and administrative UI/TRA
claims data to select comparison groups of workers who were laid off from jobs in the
manufacturing sector. We used the same matching procedures for each of the five treatment
samples. Our propensity score matching process was structured to follow the best practices of
nonexperimental methods to help minimize the extent to which unobservable factors would bias the
impact findings (see, for example, Glazerman et al. 2003, Deheija and Wahba 1999, Smith and Todd
2005, Heckman et al. 1997 and 1998, Bloom et al. 2005). For instance, we used the same data
source—administrative Ul claims data—for matching the treatment and the comparison groups
using information on workers’ basic demographic characteristics, job characteristics, and UI claims
and benefits histories. In addition, we matched treatment and comparison samples that lived in the
same local labor market areas, and used balancing tests to identify appropriate model specifications.

The remainder of this chapter discusses the selection of the comparison groups in more detail.
Section B discusses general issues for a comparison group design. Section C discusses our process
for identifying potential comparison group matches, and Section D discusses the data items used for
matching. Sections E and F present our propensity score matching methods and results,
respectively. Sections G and H discuss the selection of the comparison samples for the baseline and
follow-up interviews, respectively. Finally, Section I discusses the selection of the comparison
samples for administrative records data collection.
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B. GENERAL ISSUES FOR A COMPARISON GROUP DESIGN

Under comparison-group designs, assumptions and statistical models must eliminate differences
between the treatment and comparison group samples that could result from sources other than the
intervention. If these efforts are successful, remaining differences can be attributed to the
intervention, possibly with some measure of statistical confidence. However, if sources of
unmeasured differences exist, this approach could produce impact estimates that suffer from sample
selection biases.

There is a long-standing debate in the literature about whether social programs can be reliably
evaluated using nonexperimental methods. To investigate their validity, data from experiments have
been used to try to replicate the experimental estimates—the “gold-standard” estimates—using
nonexperimental methods.

In an influential study, Lal.onde (1986) found that the impact results from the experimental
National Supported Work (NSW) Demonstration could not be replicated using a comparison group
design. He estimated program impacts using a number of standard nonexperimental evaluation
econometric methods, including simple regression methods, difference-in-difference methods,
instrumental variable procedures, and the two-step estimator of Heckman (1979), and found that the
alternative estimators produced very different impact results. Fraker and Maynard (1987) came to
similarly pessimistic conclusions using a slightly different comparison sample. Similarly, Peikes et al.
(2008) found that matching methods produced incorrect impact estimates when compared with a
randomized design for the State Partnership Initiative (SPI) employment promotion program.

Using the same data as Lal.onde, however, Heckman and Hotz (1989) used a broader set of
specification tests to help select among nonexperimental estimators, and found that their tests could
exclude those estimators that produced impact results that differed from the experimental ones.
Furthermore, in an influential study, Deheija and Wahba (1999) reexamined Lal.onde’s data using
propensity scoring—to find matched comparison group members for the NSW treatment group;
their resulting impact estimates were similar to the experimental ones. A key contribution of their
study was the careful use of model specification tests that yielded treatment and comparison groups
with similar distributions of the matching variables and propensity scores. Mueser el al. (2007) also
concluded using JTPA data that matching methods may be effective in evaluating job training
programs. Smith and Todd (2005a and 2005b) cautioned, however, that the Deheija and Wahba
results are not robust to alternative analysis samples and matching variables included in their models.

Glazerman et al. (2003) surveyed sixteen studies that each used nonexperimental methods to try
to replicate impact findings from a social experiment. Their systematic review was intended to shed
light on the conditions under which nonexperimental methods most closely approximate impact
results from well-desighed and well-executed experimental studies. They found that
nonexperimental methods occasionally replicate the findings from experimental impact evaluations,
but in ways that are not easy to predict. However, they identified several factors that lead to more
successful replications. These factors, which are similar to the ones that Heckman et al. (1997, 1998)
found in trying to replicate experimental results from the National JTPA Study, are as follows: (1)
the data should include a rich set of matching wvariables relevant to modeling the program
participation decision, and in particular, preprogram earnings histories; (2) the same data sources
should be used for the treatment and comparison groups; and (3) the treatment and comparison
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samples should be from the same geographic areas. Bloom et al. (2005) identify similar criteria for
increasing the chances that nonexperimental methods can produce credible impact estimates.

As discussed in the remainder of this Chapter, our propensity score matched design for the
TAA evaluation was structured to satisfy these criteria. In addition, we employed key specification
tests used in the literature to identify appropriate comparison group samples, to further enhance the
integrity of our conclusions. Finally, the use of two treatment group samples and their companion
comparison groups allowed us to examine the robustness of study findings.

C. IDENTIFYING THE POOL OF POTENTIAL COMPARISON GROUP MEMBERS

We identified a pool of potential comparison group members from the UI/TRA claims data.
Most of the sample restrictions discussed in Chapter I that we used to select the certified-worker
and TRA-beneficiary samples also applied to the selection of potential comparison group members.
We limited the comparison pool to individuals between the ages of 16 and 80 who received regular
UI benefits and who had non-missing values for key variables. We also aligned the treatment and
comparison samples in terms of their job layoff dates. We did this by limiting the certified-worker
comparison sample to those who started collecting regular Ul benefits between September 1, 2004
and October 31, 2008. Similarly, we limited the TRA-beneficiary comparison sample to those who
started a Ul spell between March 1, 2005 and December 31, 2006 (which was period when the TRA-
beneficiary treatment sample started collecting UI benefits)."'

However, we used additional restrictions that applied only to the comparison group. Using
information on the industry of a worker’s primary employer, we limited the comparison sample to
workers in the manufacturing industry, restricting the sample to workers with North American
Industry Classification System (NAICS) two-digit industry codes of 31, 32, or 33. We also dropped
workers who received TRA benefits according to the UI/TRA claims data or who were on a
certified-worker list for a firm that was certified for TAA outside the data range for the study. We
also limited the potential comparison pool to workers who lived in the same local areas as the
treatment group, as defined using the local area indicators discussed below.

Under our design, treatments and matched comparisons both consisted of new Ul recipients.
A disadvantage of this approach is that some treatments started collecting UI benefits before their
firm became certified for TAA. For instance, we found that about 28 percent of TAA participants
were separated from their jobs more than 90 days before their firm’s petition was certified. Some of
these treatments may not yet have known about TAA at the time of their job loss, and some of them
may have ultimately become TAA participants because they could not find jobs (although it is also
possible that these workers’ job search activities were influenced by the anticipation of being eligible

1 The TRA-beneficiary treatment sample includes those who started collecting TRA benefits in calendar year 2006.
For most workers, the UI first payment dates was about 6 months prior to the TRA first payment date. However, for
some workers, the difference between their UI and TRA start dates was as little as 1 month and as long as 12 months.
Thus, we selected a UI start date window for selecting the comparison sample that was wider than one year.

43



1I: Selection of Comparison Groups

for TAA services). Thus, these TAA participants may have been a self-selected sample whose
unobserved characteristics were associated with especially poor labor market outcomes, which could
have yielded impact estimates that are somewhat biased downwards.

Despite this potential disadvantage, we believe that our design choice is preferable to the
alternatives. One approach would have been to match treatments to comparisons who exhausted
their UI benefits'®. Such an approach, however, would not account for the potential effects of the
offer of TAA training, TRA, and other TAA services on the job- seeking behavior of TAA
participants soon after they lose their jobs and start receiving UI benefits. For instance, some TAA
participants in our sample who exhausted their Ul benefits and collected TRA might #o¢ have
exhausted Ul if TAA had not been an option. Instead, some of these workers might have more
quickly found jobs. In fact, more than 80 percent of the TAA participant sample exhausted Ul (and
two-thirds enrolled in training programs), compared to an Ul exhaustion rate of about 45 percent
for matched comparisons from the same local areas. Thus, choosing the comparison group from
only among Ul exhaustees might have yielded comparisons who were less able or willing to obtain
employment than what might have been true for the treatments in the absence of TAA.
Consequently, a comparison group restricted to Ul exhaustees might have created a bias towards
more favorable estimates for TAA, while a comparison group with both exhaustees and non-
exhaustees is a more conservative approach, typical of much social science research.

Thus, our main impact estimates are based on the comparison group with both non-exhaustees
and exhaustees. However, we also provide impact estimates using a comparison group of just
exhaustees. While the “true” impacts cannot be known, it is plausible that they lie somewhere
between the two sets of estimates.

We also considered a design option where “time 0” for the treatment sample would be set to be
the later of the petition certification date and the UI claim date. A problem with this approach,
however, is that there was no comparable date for the comparison sample. Furthermore, there
could be anticipatory behavior by participants as they await their firm’s certification decision. This
could occur because workers laid off from firms who applied for TAA but who have not yet been
certified by DOL could forego job opportunities in the hopes of eventually receiving TAA services.
Consequently, for the matching, we set “time 0” to be the Ul claim date (to proxy for the job
separation date).

For the impact analysis, we conducted a host of sensitivity analyses to examine the robustness
of the earnings impact findings to potential selection biases(in addition to estimating impacts using
UI exhaustees). For example, we estimated earnings impacts using samples that excluded treatments
whose UI claim dates were before their firm’s petition certification dates and that also excluded their
matched comparisons. In addition, we estimated impacts by excluding those who were recalled to
their prior jobs (based on information gathered from the follow-up surveys), and hence, who did not
experience a permanent job loss. We also estimated impacts using eligible TAA nonparticipants and

12 This approach was used for the previous evaluation of the TAA program (Corson et al., 1993) using a treatment
sample of TRA beneficiaries rather than TAA certified workers that is the primary sample used for this evaluation.
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their matched comparisons, where we might expect that the direction of the selection biases to be
opposite to that using the TAA participants and their comparisons. Finally, to help balance the
direction of the selection biases for the TAA participant and nonparticipant samples, we estimated
impacts for a// eligible TAA workers by comparing the outcomes of the combined participant and
nonparticipant samples to those of their combined comparison samples.

D. DATA ITEMS USED FOR MATCHING

The variables used in the matching process were constructed from the UI/TRA claims data.
The matching variables included demographic, job, and local labor market characteristics. Although
there was some variation in the claims data across states, we used the following fixed set of
characteristics for all states:

e Demographic information: Gender, age, and race/ethnicity
e Job charactetistics: Base-period earning

e Ul claim and benefit data: Benefit year begin date, date of Ul first payment, and Ul
maximum benefit amount

In addition, we used the zipcode data from the Ul files to merge, by state, county, and year (if
relevant), the following local area characteristics into the UI claims records:

e The annual unemployment rate in 2000 to 2006 using data from the U.S. Bureau of
Labor Statistics (BLS).

e The poverty rate in 2004 using data from the Area Resource File (ARF).
e The percentage of workers in manufactuting in 2005 using ARF data.

e The average ecarnings per job in 2005 using data from the Inter-University
Consortium for Political and Social Research (ICPSR).

e The percentage population growth between July 1, 2000 and July 1, 2005 using
ICPSR data.

e The U.S. Department of Agriculture, Economic Research Service (ERS) 2003
Rural-Urban Continuum Code using ICPSR data. These codes form a classification
scheme that distinguishes metropolitan counties by the population size of their
metropolitan area, and nonmetropolitan counties by degree of urbanization and
adjacency to a metropolitan area or areas. There are nine such codes that range from a
metropolitan area with a population of 1 million or more to rural areas that are not
adjacent to a metropolitan area.

e Local area unemployment statistics (LAUS) area type indicators in 2007 using
BLS data. These indicators pertain to labor market areas that are economically
integrated geographic areas within which individuals can reside and find employment

45



1I: Selection of Comparison Groups

within a reasonable distance or can readily change employment without changing their
place of residence. Labor market areas are metropolitan areas, micropolitan areas, or
small labor market areas, and exhaust the geography of the U.S. These area definitions
are often used to allocate Federal program funds to states and local areas.

Although many of our matching characteristics were continuous variables, we constructed
categorical variables to use in the matching models. The categorical variables were constructed for
each state and sample after we examined the data and determined natural breakpoints. Since the
distributions of many of these characteristics varied significantly across states, this flexible approach
to the categorical variables allowed us to accurately represent the variable distributions within each
state. While this process was time-consuming, using state-specific categorical variables instead of
continuous variables allowed us to match on the full variable distributions rather than variable
means only. Although we included the categorical variables in our propensity score models, we
assessed the matching specifications using both the categorical and continuous variables.

E. PROPENSITY SCORE MATCHING METHODS

We used propensity score matching methods developed by Rosenbaum and Rubin (1983) to
select the study comparison groups. A propensity score is the probability that a worker with a given
set of characteristics receives the treatment. Rosenbaum and Rubin (1983) proved the key result
that individuals with the same propensity score will also have the same distribution of the matching
variables.

To implement the propensity score matching procedure, we estimated a separate logit model
for each state and treatment group sample where the dependent variable was set to 1 for treatments
and 0 for potential comparisons. The matching (explanatory) variables for all models included the
demographic, employment, and UI benefit variables discussed above. In addition, we estimated
models where the matching variables also included either the local area indicators or the
characteristics of the local labor market (but not both sets of collinear variables). We also estimated
all the models separately for males and females.

For each model, we matched each treatment worker to the five comparison group members
with the closest propensity scores (predicted probabilities)—that is, to the five “nearest neighbors.”
Matching was performed with replacement so that a comparison group member could be matched to
multiple treatment group members. We used a nearest neighbor matching approach instead of
alternatives like caliper or kernel matching because of survey budget constraints. Furthermore,
Smith and Todd (2005) and Imbens and Wooldridge (2008) conclude that with sufficient sample
overlap in the propensity scores and well-balanced matching variable distributions, impact estimates
are relatively insensitive to the choice of matching methods.

Our budget allowed us to complete interviews with two comparison workers for every
treatment worker. Conducting baseline interviews with a comparison sample that was twice as large
as the treatment sample would allow for a second stage of matching that used the richer matching
variables from the baseline survey to identify a one-to-one match for the follow-up interviews.
While we only planned to use two comparison workers, we identified the five nearest neighbors in
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case baseline survey nonresponse generated a need for additional sample (see below and Chapter
I1I).

To assess each matching model specification, we conducted balancing tests on the categorical
matching variables and the underlying continuous variables using methods found in the literature.
Our primary assessment of the matching model was based on the first-best match, although we also
examined the match quality of the second-best match and rarely saw substantive differences. For
the balancing tests, we assessed the overlap in the distribution of propensity scores for treatment
and matched comparison workers. We conducted #tests for each variable and F-tests of the
differences in variances for continuous matching variables. We also conducted an F-test on the
overall set of matching variables by running a regression of treatment status on all matching
variables. We repeated these balancing tests within five equally-sized strata defined by the size of the
propensity scores, although in some states, we did not focus on the within-strata tests due to small
sample sizes.

If the initial models failed the balancing tests, we used an iterative process to find the preferred
model specification. Our re-estimation approach depended on the initial problem. In some cases,
we estimated models separately for subgroups that were unbalanced (for example, age,
race/ethnicity, a base wage rate category, or a particular local area characteristic). In other cases, we
estimated models that included interaction terms for the problem variable as additional matching
characteristics. We continued this process until we found a satisfactory model specification for each
state sample.

F. PROPENSITY SCORE MATCHING RESULTS

Tables 1I.1 and IL.2 display key summary statistics on the estimated propensity scores and
matching variables for all 130 matching models using the first-best matches. These summary
statistics were selected from the more complete matching results displayed in Tables 11.3a to I1.7a
and IL.3b to I1.7b for the final model specifications for one randomly selected state from each of the
five treatment samples. Tables I1.3a to 11.7a display the following summary information:

e The number and percentage of treatments, matched comparisons, and all
potential compatison group members who fell into each of six propensity score
classes defined using the treatment group propeansity score distribution. These
tigures can be used to assess the overlap in the propensity score distribution